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Abstract

Qualitative research has been flourishing in business and management research over
the past decades. The insights gathered from rich qualitative data fundamentally
depend on the analyzed subjects and case(s). Hence, highly substantial to qualita-
tive research is how to achieve purposeful case selection and saturation of cases
and informants. Our study reviews previous research on purposeful case selection
and saturation. We specify that considering the level of analysis is particularly chal-
lenging in business and management research as cases are not typically individuals
but rather aggregated individuals or collective entities, such as units, organizations,
or types of organizations. Furthermore, informants and cases can provide coherent
or differing information (‘harmony’ and ‘discord’) on different levels and across
informants or cases so influencing purposeful selection and especially saturation.
Our study zooms in on three qualitative approaches in business and management
research: the so-called Gioia, the Eisenhardt, and the flexible pattern matching
approach. We review how empirical studies following those approaches have ex-
plained the purposeful case selection and the saturation as well as what number of
informants and cases they used. From these reviews, we deduct critical reflections,
considerations, and guidelines about harmony and discord when including different
informants and cases in the qualitative research process.
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1 Introduction

Qualitative research concerns diverse approaches, each shaped by distinct purposes
and methodologies about how to generate rich insights and develop theoretical con-
tributions from empirical data. The strength of qualitative research lies in its flexibil-
ity and the researcher’s reflection, emphasizing the depth of insights through detailed
single-case studies and specific manifestations of phenomena (Gioia 2021; Gioia et
al. 2013; Yin, 2014; Bonnardel and Marméche 2004), insights through multi-case
comparisons (Eisenhardt 1989; Eisenhardt and Graebner 2007), or process under-
standing through longitudinal analyses. Core to the qualitative inquiry are relatively
small samples, sometimes even single cases (rn=1), which are chosen purposefully to
provide rich, detailed insights (Patton 2015). Typically, qualitative research is applied
when the phenomena under scrutiny are new and theorizing is nascent (Graebner et
al. 2012).

Two central, but only rudimentarily addressed matters, especially in business and
management research, revolve around the purposeful sampling of cases, the appro-
priate number of cases, and the number of informants to get insights and aggregate
for each case. Purposeful sampling describes the selection of cases that provide rich
information for the study of interest. Depending on the research purpose, several
sampling criteria have been proposed, yet often by outside business and manage-
ment research (Palinkas et al. 2015). Generic guidance is provided by Glaser and
Strauss (2009) with the saturation criterion, which is reached when no new insights
emerge from the data that contributes to the development or refinement of a cat-
egory’s properties.

Business and management research faces specific challenges, especially related to
different levels of analysis that it can cover. Different levels include the individual,
team, organization, and inter-organizational matters or categories. For all studies
interested in more than the individual, the question is not only studying how many
cases, but also how many informants ought to be considered in one case or compared
with others in other cases and on the same or different level.

For example, for a micro-event such as a single decision as starting a venture by
individuals aged 50 years when unemployed (Soto-Simeone and Kautonen 2021),
one informant per case is sufficient. Yet, studying the behavior of organizations or
industries may require involving multiple informants or multiple cases. For exam-
ple, understanding the variation in technology adoption across organizational units
involved 59 informants representing eight units of a hospital (van Offenbeck et al.
2024). Hence, the evaluation of purposeful sampling and saturation concerns rather
complex and interrelated considerations. Yet, there is a very limited understanding
in qualitative research about purposeful sampling and saturation, especially on the
background of different levels and cases.

Therefore, the purpose of our study is to support researchers in selecting and
explaining the appropriate number of cases and informants for business and manage-
ment case studies, especially by considering that they may cover different levels of
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analysis and cases. Yet, while there are some more general answers to this question,
answers also depend on the choice of the data analysis method.

Among the myriads of available methods, we considered three approaches: the
Gioia, the Eisenhardt, and the Flexible Pattern Matching, which might be referred to
as the Bouncken approach. We selected these approaches as they were strongly used,
accepted, or emerging in qualitative research, offering ample examples and differen-
tiating criteria. Each of the approaches follows different assumptions regarding the
role of discord and harmony in the process. Discord can be defined by contradictions,
data left without interpretation and irreconcilable with the theoretical framework (that
does not fit theory). By harmony, we define research findings that are parsimonious,
clear, and coherent incorporations of empirical insights into constructs, processes, or
theoretical frameworks.

Discord between data, data interpretation, and theory can emerge during the
research process (Gioia approach), be anticipated by purposeful sampling (Eisen-
hardt approach), or designed-in (Bouncken approach). Hence, we provide a literature
analysis of typical case numbers, informants, and insights of these three approaches.

The so-called Gioia approach is based on the assumption that qualitative research
provides a convincing and well-supported explanation of observed phenomena
(Gioia 2021). A key delivery is deriving a structure of constructs and topics from the
data. Second, we portray the widely applied so-called Eisenhardt approach (Eisen-
hardt and Graebner 2007; Eisenhardt et al. 2016), which is about the comparison of
cases and the learnings from comparison. Third, we selected the recently emerging
Bouncken approach or the Flexible Pattern Matching (Bouncken et al. 2021a, b). It
demands that the researcher elaborates guiding theoretical propositions first to then
compare how the empirical insights cohere or depart from the proposed theoretical
pattern (Bouncken et al. 2021a, b; Sinkovics 2018).

In a nutshell, our insights contribute to previous qualitative research that has
started to debate about purposeful sampling and saturation. We explicitly consider
this under the umbrella of harmony and discord, permitting further theoretical devel-
opment from the qualitative data. We develop recommendations based on saturation
assessment and selection of cases for qualitative research in management. For exam-
ple, for researchers who encounter harmony or strong coherence in their findings
from the cases, we recommend revisiting the field to obtain contrasting or refining
insights. This process can enhance the robustness and refinement of their insights
by incorporating diverse perspectives that challenge and enrich the initial results.
Alternatively, when encountering discord and variance across levels and cases, we
propose the development of multiple alternative models to account for the observed
differences in concepts or relationships. This approach involves crafting alternatives
and corresponding rationales to explain the variance, such as uncovering hidden con-
cepts or considering alternative or aggregated theoretical models.
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2 Theoretical concepts
2.1 Purposeful sampling for case studies

The sampling of cases and informants has to follow the purpose of a study (Camp-
bell et al. 2020b). In qualitative research, the depth of understanding guides the pur-
poseful selection of a typically small number of cases. While it does not allow for
statistical generalizability, it aims at opening ways for analytic generalizations and
case-to-case transfer (Onwuegbuzie and Leech 2007), useful for theory building and
refinement on the basis of case-to-case transfers across contexts (Campbell et al.
2020b; Corley et al. 2020).

What might be considered a “bias” or a limitation in statistical sampling becomes
a deliberate focus when researchers delve into cases that offer valuable and relevant
data for their research goals (Patton 2015). Thus, purposeful sampling is designed to
identify and select cases rich in information to make the most effective use of limited
resources (Patton 2002). Beyond the case selection, purposeful sampling involves
choosing individuals or groups with significant knowledge or experience related
to the phenomenon under investigation (Creswell and Clark 2017). Campbell et al.
(2020a) classify four core sampling avenues for multiple cases: stratified, cell, quota,
and theoretical sampling.

Stratified sampling involves selecting specific types or groups of participants that
must be included in the final sample. The sample is then divided, or stratified, accord-
ing to the participant characteristics, with a predetermined number assigned to each
category. For example, participants could be grouped by factors such as age, family
size, or 1Q. The allocation of participants to each group is crucial, especially if the
numbers differ across groups. Importantly, there should be a clear rationale tied to the
study’s aims and objectives that justifies why these groups are distinct, ensuring that
each group contributes meaningfully to the research (Campbell et al. 2020a: 654).

Cell sampling, while similar to stratified sampling, differs in that its categories can
overlap, much like the sections of a Venn diagram (Miles and Huberman 1994b). For
instance, in a study involving children with chronic illnesses, one group might consist
of obese children and another of children with diabetes, with the overlap representing
children who are both obese and diabetic (Campbell et al. 2020a: 654). Cell sampling
offers the heterogeneity of the sample depending on the discrete category or type of
cases that the researcher aims to include in the sample.

Quota sampling offers more flexibility. Quota sampling is often seen as more
flexible than cell sampling, as it allows to adjust participant recruitment more eas-
ily compared to the stricter requirements of stratified or cell sampling (Robinson
2014). Its flexibility increases its usefulness when recruiting diverse or hard-to-reach
populations (Campbell et al. 2020a: 654). Rather than setting fixed numbers of par-
ticipants for each category, quota sampling predefines categories and only requires a
minimum number of participants for each (Mason 2002). Interestingly, the minimum
numbers of cases are set ex-ante rather than being established during the sampling
process or once the saturation assessment has started. This method allows for more
adaptability while still ensuring that key categories are represented in the sample. As
the study progresses, the numbers in each category are carefully tracked to ensure
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that the predefined quotas are met. For instance, in a study involving children with
chronic illnesses, there might be quota sets for both types of illness and types of fam-
ily structure. The research team would establish a minimum number of participants
for each quota. For example, researchers might inquire about at least five children
with diabetes, leukemia, or arthritis, and for family type, they might seek 10 par-
ticipants from nuclear families and 15 from reconstituted families (Campbell et al.
2020a: 654). This use of minimum quotas ensures that key participants are included
in the final sample.

Theoretical sampling concerns how researchers use previous categories, concepts,
and constructs established to design their data collection (Urquhart et al. 2010). It is
based on the iterative nature of Grounded Theory and follows considerations of add-
ing data through further waves of data collection (Mason 2002; Magnani and Gioia
2023), new cases, or reconfiguring the sampling strategy (van Eechoud and Ganzar-
oli 2023). This entails either selecting cases from new groups to provide meaningful
comparisons or contrasts with other groups, or alternatively reshaping the sample
based on new criteria emerging from the analysis. Reshaping means replacing the
original sampling strategy chosen as a-priori sampling strategy.

Palinkas et al. (2015) provide a list of 16 purposeful sampling avenues: 7 empha-
sizing similarity of cases that lean towards homogeneity, 7 emphasizing variation
which corresponds to heterogeneity, and 2 non-specific. Research has introduced
different forms of homogeneity/heterogeneity designs: criterion-I, criterion-e, typi-
cal cases, homogeneity, snowball, and extreme or deviant cases. In addition, criteria
concern issues such as intensity, maximum variation, critical cases, confirming and
disconfirming cases, stratified purposeful, and purposeful random.

For example, selecting extreme or deviant (outlier) cases shapes the basis for
learning from unusual manifestations of phenomena. Choosing cases with maximum
variation permits capturing a wide range of adaptations to different conditions, allow-
ing researchers to document diverse responses and simultaneously identify important
common patterns that transcend these variations. The more the sampling is directed
towards homogeneity, the fewer will be the number of participants/cases needed to
reach saturation. Vice versa, larger samples are required for broad questions and het-
erogeneous samples that include discord of findings. These numbers can serve as
guidelines for setting a priori the minimum required sample size, which may need to
be expanded as data collection and analysis are conducted.

3 Saturation and case numbers
3.1 Saturation concept in qualitative research

Qualitative research does not pursue the objective of offering statistically generaliz-
able results. The key criterion in qualitative research for assessing the adequacy of
sample size is saturation. In other words, failure to reach saturation foremost hampers
content validity (Fusch and Ness 2015), which can be fatal in qualitative studies.
Glaser and Strauss (2009) describe that saturation occurs when no new informa-
tion emerges from data that adds to the development of a category’s properties. As
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researchers repeatedly encounter similar instances of conceptualization, they gain
empirical confidence that the category has been fully explored, and then saturation is
met. Still, even if the category seems fully explored, researchers may actively seek
to push the boundaries of the data’s variability to ensure that saturation is based on
the broadest possible range of information. Saturation, accordingly, demands that
additional data do not add insights (Saunders et al. 2018a).

Reaching out for more remote data guarantees that the category is well-defined
and deeply understood from every angle. Charmaz (2014) specifies the richness and
conceptual depth of the categories of saturation. Saturation is achieved when cat-
egories have been thoroughly explored, and no new properties for the conceptual
development emerge from additional data collection. Saturation may also focus more
strongly on findings of broader applicability, hence the generalization allowing to
generate theories that can be used in other contexts (Boddy 2016). Saturation implies
that results are sufficiently comprehensive to offer insights stretching beyond the spe-
cific study. The more generalization-orientated perspectives depart slightly from the
typical focus of qualitative research on depth rather than breadth.

Therefore, saturation is evaluated by researchers after the data analysis process
is in operation rather than being predefined at the empirical research design stage.
Interestingly, saturation can be identified, substantiated, and reported only after the
saturation point has been reached. Only when additional data do not add additional
insights do researchers realize their study is saturated.

Samples can be too small to achieve saturation but also too large to effectively
extract thick, rich data (Onwuegbuzie and Leech 2007). Depending on the richness
and purposefulness of the data, studies may comprise a deeply analyzed single case
but also multiple cases, even analyzing (comparison, contrasting, etc.) by different
data analytical techniques (Boddy 2016). Some researchers claim that qualitative
research needs a pre-specification of the sample size that transfers into the stopping
criterion (Francis et al. 2010).

3.2 Saturation forms and criteria

There are different saturation concepts and criteria used for evaluation. Saunders et
al. (2018Db) classify four distinct models of saturation.

Theoretical saturation is rooted in traditional grounded theory and the develop-
ment of categories and emerging theories during the analysis process as criteria for
additional data collection. Theoretical saturation can be reached by combining sam-
pling, data collection, and data analysis.

Inductive thematic saturation emphasizes the identification of new codes or
themes rather than the completeness of existing theoretical categories. Saturation
here is determined by the emergence of new codes or themes and is more confined to
the level of analysis, with implications for data collection being somewhat implicit.
Inductive thematic saturation is reached when researchers accumulate additional
evidence for the codes and themes identified, but no further codes/themes can be
identified.

A priori thematic saturation involves collecting data to exemplify pre-determined
theoretical categories at the level of lower-order codes or themes in contrast to
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inductive research. It focuses on validating or exemplifying existing theories rather
than developing or refining them, moving away from the inductive logic typical of
grounded theory.

Data saturation views saturation as a matter of identifying redundancy in the data
without necessarily linking it to specific theoretical frameworks. Here, saturation
is defined by the repetition of information and is considered separate from formal
data analysis processes. Saturation can relate to the level of codes found within the
already retrieved data. When data are not found, researchers proceed with collecting
more data. In this vein, Hennink et al. (2017), as well as Hennink and Kaiser (2022),
concentrate on the question of codes for data saturation. They distinguish between
code saturation and meaning saturation and further elaborate on code frequency and
meaning.

Code saturation, as provided by the response to inductive thematic saturation, is
typically reached quite rapidly by the 9th interview. Researchers view code satura-
tion as “we have heard it all” (Hennink et al. 2017: 605). Similarly, we find that the
frequency of codes refers to examining the number of new codes emerging in coding
successive transcripts, and when this number diminishes or goes down to zero, satu-
ration is reached (Hennink and Kaiser 2022: 3).

Meaning saturation, in contrast, is reached when researchers “understand it all”
(Hennink et al. 2017: 606), which typically takes between 16 and 24 interviews. Code
meaning refers to nuances and dimensions, and the issue at hand is fully understood
by researchers. As such, meaning saturation is more demanding than code satura-
tion, both in terms of data interpretation and in terms of data collection. In order to
develop a deep understanding, more nuanced, detailed, and less explicit pieces of
information need to be included. This typically requires more informants or more
cases. Furthermore, saturation will depend on several parameters describing a study:
purpose, population, sampling, data quality, type of code, codebook, and the satura-
tion goal. A systematic literature review shows that saturation can be reached with
9-17 interviews or 4-8 focus group interviews, with the lower number referring to
code saturation while the higher number to meaning saturation (Hennink and Kaiser
2022). They further specify code frequency and code meaning to assess saturation
(Hennink and Kaiser 2022).

Other approaches focus on how deep and informative the concepts gathered
through the coding become. For example, Nelson (2017) suggests range, complex-
ity, subtlety, and resonance as specific criteria useful to assess saturation, at the same
time suggesting that the saturation criterion might be replaced by a “conceptual
depth” assessment (Tight 2024).

The range criterion concerns whether there is enough diversity in codes for a
conceptual category to be meaningful. When a category is shaped by opposing per-
spectives, ‘the range criterion questions whether all viewpoints are adequately repre-
sented (Nelson 2017).

The complexity criterion requires that concepts be clearly shown as part of a rich
network of interconnected ideas and themes in the data, with complex relationships
between them. Early hand-drawn diagrams or matrices can help with exploring the
concepts, aiding in sorting codes, making comparisons, identifying categories, and,
most importantly, understanding the connections between them (Nelson 2017).
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Subtlety is achieved using the comparative method, wherein researchers analyze
multiple occurrences of the same codes in different data sources (interviews/cases)
to identify their similarities and differences, which helps establish a nuanced under-
standing. This process is central to grounded theory and assists in discerning nuances
in meanings of different words or concepts and identifying ambiguities. It may be
represented as a rich, ambiguous, and multidimensional conceptual description (Nel-
son 2017).

Resonance describes the relationship with previous literature. If there is resonance
with existing literature—such as overlaps, similarities in language, or metaphors,
even with some variations and new insights—it can further confirm that sufficient
conceptual depth has been achieved (Nelson 2017). Greater resonance develops the-
ory that makes sense to existing theory or other frameworks while offering variations
and novelties. Previous research offers suggestions on how to manage the process of
assessing and reporting saturation. Francis et al. (2010) suggest four steps for analyz-
ing and reporting saturation: (1) specify a priori the sample size in the first round of
data collection or initial analysis sample; (2) specify a priori how many more inter-
views will be conducted without any new topics or ideas emerging before researchers
conclude saturation is reached or define the stopping criterion; (3) the analysis should
be conducted by at least two independent coders; (4) report the saturation criteria so
that readers can independently evaluate the evidence.

In essence, researchers need to report and explain how saturation has been estab-
lished in their study, referring to the study’s objective and saturation assessment.
Most likely, there will be potential for new categories, codes, or themes to emerge,
especially if additional data is collected. Therefore, saturation refers to a certain
degree where additional data collection produces diminishing returns. Saturation is
more of a process than a point (Saunders et al. 2018b). As researchers might be inter-
ested in gathering greater coherence across their informants, cases, and concepts, or
may alternatively be interested in finding differences among them, we propose that
the relationship between purposeful sampling and saturation pivots around the con-
cepts of harmony and discord (Fig. 1). Harmony and discord tie in with the research

Purposeful sampling Saturation

Forms

Theoretical
A priori thematic saturation ~ b 1
contribution,
< Meaning saturation

Homogeniety /
Heterogeneity

Forms

Stratified sampling

Cell sampling

Quota sampling

Theoretical sampling

NN N

Range
Complexity

Subtlety H
Resonance

Criteria

Criteria

Fig. 1 The pivotal role of harmony/discord in case study design
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objective of the researcher. Yet, researchers might also start without an objective on
harmony and discord of informants, cases, concepts, or even relationships, but over
their coding and interpretation process become aware of harmony and discord that
they then decide to study more intensively.

When researchers can transparently report how harmony was achieved and sat-
uration is reached, the research process continues toward addressing the research
question. The criteria is especially key when following the aim to detect harmony.
However, when discord is discovered, then a loop back to purposeful sampling is
needed. In the other direction, following the aim of detecting discord implies finding
differences across informants, cases, concepts, and relationships. In general, discord
encourages researchers to cover more informants and cases. It also demands, over the
process, to select additional cases or to alter the sampling strategy, when the discord
has not been meaningful so far. Hence, discord and harmony play a crucial role in
case study design and execution.

4 Turning in on management research

Purposeful sampling in fields other than business and management tends to focus on
one level of case analysis, that is, the individual level. For example, in health sci-
ences, a case is a patient or a disorder. Yet, management research is often about dif-
ferent levels of cases. Cases in management research may be identified in (Tables 1,
2, 3): (1) micro-level (e.g., single decision, response to a stimulus or an act); (2) indi-
vidual level (e.g., CEO characteristics, preferences, behaviors); (3) team level (e.g.,
dynamics, leadership, technology adoption); (4) organization level (e.g., strategies,
processes, legitimacy); (5) industry level (e.g., coopetition, collaboration, practices);
(6) meta-organizational level (e.g., collaborative innovation, ecosystems). Defining
cases involves an explicit indication of the level of analysis, which is consequential
for data collection and saturation assessment.

While there are several sampling avenues, as explained before, the different levels
addressed in management research add complexity and uncertainty about how to
deal with divergent or coherent insights. There is no cookbook or recipe for qualita-
tive research in the business and management field offering a step-by-step plan to
go through and get to a satisfying result (Graebner et al. 2012). General guidelines,
or rules of thumb, suggested larger samples and related numbers of interviewees,
ranging from 30 to 50 interviews but very small numbers of cases, no lesser than
4—6 (Marshall et al. 2013). A systematic review of 83 information systems studies
suggests that the number of cases/interviews reported in published work tends to
increase over time. It is typically expected that researchers assess ex-post whether
the data collected reach data saturation as indicated by the absence of new emerging
from additional data collected— referring to data saturation or that no new properties
of the construct under scrutiny can be found (Thorne 2020).

Therefore, we suggest a simplified perspective on harmony versus discord for pur-
poseful sampling. Harmony versus discord aligns with previously advocated terms of
homogeneity versus heterogeneity of cases (Palinkas et al. 2015). While hetero- and
homogeneity are ex-ante design criteria for sampling, harmony and discord play a
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Table 1 Exemplary studies in the Gioia approach

Source Case Informants  Sampling (case selection; homo-/heterogeneity, Level of
# saturation) analysis

Weni- 16 16 Selection: purposeful sampling of cases that Industry level
ger and interviews  fill different conceptual categories. specifically (corporate
Jarchow Senior focused on incorporating globally active corpora-  venture units)
(2024) Managers tions from various industries more or less affected

(Investment by the COVID-19 crisis.

Manager, Case homogeneity high (case and informant)

Venture

Saturation: coding until most relevant categories

partner? could be integrated into theoretical framework.
Managing
Director)
Fehreret 10 10 Selection: purposeful sampling of experts Meta-orga-
al. (2024) interviews  from CE practitioner community, no further nizational
Expert specification. level (circular
interviews  Case homogeneity high (case and informant) economy)
Saturation: not explicitly reported.
van Offen- 1 59 Selection: purposeful sampling, stratified sam- Team level
beek et al. interviews  pling for relevant heterogeneity. No predeter- (clinical
(2024) In 8 depart- mined number assigned to each category. departments)

ments of I Case homogeneity high, Informant heterogeneity
hospital high
Saturation: not explicitly reported.

Klam- 30 30 Selection: purposeful sampling approach Suri Industry level
mer et al. interviews.  2011; stratified sampling approach/influence. (incumbents
(2023) MUI' ~ Case homogeneity high, Informant and start-ups)
tp le ?oles N Saturation: Referencing (Guest et al. 2006)
decision-
making
roles
Jia et al. 1 28 Selection: no specific information. Interviewee Organization
(2023) interviews  selection: random sample of sales agents. level (A as-
Sales agents. Case homogeneity high, Informant heterogeneity ~ sistance within
high. companies)
Saturation: not explicitly reported.
Bouncken 14 Number of  Selection: purposeful sampling, theoretical sam-  Organization
et al. interviews  pling approach for inductive research (Strauss and level (co-work-
(2023) not reported. Corbin 1998b) ing spaces)
Founders, Homogeneity high (case and informant)
managers, Saturation: Relying upon the principles of ap-
and users of propriateness and adequacy: data collection
?he cowork- process until reaching a saturation point where
INg SPACES.  frther data collection did not bring any additional
insights.
Buesch- 1 13 Selection: No specific information on case/ Meta-organi-
ing et al. interviews.  interviewee selection, interviewees selected to zational level
(2023) Project ensure a wide range of roles to represent the case  (COVID-19
managers.  holistically. contact tracing)
Senior staff  Saturation: interviews and archival documents
Politician until no new views or additional insights, ad-
and Google  djtionally archival data.
manager.
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Table 1 (continued)
Source Case Informants  Sampling (case selection; homo-/heterogeneity, Level of
# saturation) analysis
Princi- 1 14 Case selection: opportunity to study case, no Organization
pato et al. interviews  specific information on sampling strategy. level (platform
(2023) 8 informants  [nformant homogeneity high. for food surplus
Saturation: not explicitly reported. distribution)
Schellet 19 67 Selection: no specific information; according Organization
al. (2023) C-Level purposeful, quota/theoretical sampling approach, level (family
Expert defined characteristics of interviewee groups, ad-  firm-specific
interview ditional interviews were conducted until theoreti- process of
cal saturation was reached. selecting top
Case heterogeneity high and informant homoge- ~ Management
neity high. members)
Saturation: Cases and interviews were added until
theoretical saturation was reached.
Pieppo- 1 59 Selection: theoretical and purposive sampling Organization
nen et al. interviews  logic. level (digital
(2022) Managers Informant homogeneity high. transformation
Saturation: integration of the emerging categories PrO¢®SS (ff the
in an overarching theoretical framework Corbin provld&?r' s value
and Strauss 2014 and final round of focused proposition)
coding Miles et al. 2014 to ensure that all the
emerging categories and reached data saturation
were exhausted.
Diaz-Mo- 8 59 Selection: theoretical sampling method, cases that Organization
riana et al. interviews  are likely to replicate or extend theory (Eisenhardt level (Goal Ten-
(2024) 49 1989); interviewee selection following quota sions in Family
informants  sampling, defining characteristics and a minimum  Firms)
Senior of five informants per firm were interviewed.
manage- Homogeneity high (case and informant)
ment. teams  gayration: collected cases up to the point of
(family Vand theoretical saturation (Eisenhardt 2021)
nonfamily)
Suseno 1 17 Selection: theoretical sampling, interview infor-  Individual
and interviews  mants from women entrepreneurs’ networks in level (Women
Abbott women en-  WA. Informants can offer rich information about  entrepreneurs in
(2021) trepreneurs  issues related to the research purpose. Australia)
in Perth, Informant homogeneity high.
Westerr} Saturation: not explicitly reported.
Australia
Tiberius et 11 11 Selection: Purposive sampling technique for in- Organization
al. (2021) interviews  depth analyses that aimed for maximum variation. level (dynamic
Owner, No further specification. capabilities
Founder, Case heterogeneity high, informant homogeneity ~ in family
CEO, Senior high. businesses)
Managers

Saturation: analyzed the data immediately after its
collection and continued until a saturation point
was reached: that is, no substantial additional
insights could be gained (Eisenhardt 1989).
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Table 1 (continued)

Source Case Informants  Sampling (case selection; homo-/heterogeneity, Level of
# saturation) analysis
Soto- 21 21 Selection: purposeful sampling with defined crite- Individual level
Simeone interviews  ria for participants, no further specification. (entrepreneurial
and Senioren-  Case and informant homogeneity high. endeavors of
Kautonen Frepreneurs Saturation: not explicitly reported. individuals
(2021) in the UK aged 50 or over
who start busi-
nesses when
unemployed)
van Burg 1 30 Selection: pre-established access to sample case;  Industry level
et al. informants, snowball sampling to identify key informants. (Collaborative
(2014) 42 ) Informant homogeneity high. Innox{ation in
1nterv_1€w.s Saturation: not explicitly reported. the Aircraft
Longitudinal Industry)
design over
five years.
Nagand 22 53 Selection: Purposeful sampling, seeking Organization
Gioia interviews ~ “maximum variation” vs. random sampling. level (firm
(2012) Six-month  Interviewees: senior managers and such identified specific use of
period. by a foundry’s senior executives as beneficial to ~ knowledge as a
CEOs and interview. resource)
senior Case and informant homogeneity high.
managers. Saturation: coding interviews in this manner until
they could not ascertain any more distinct, shared
patterns among informants. (Glaser and Strauss
1967)
Clark et 2 33 Selection: purposeful sampling of cases (extreme Organization
al. (2010) interviews  situation for both organizations and their execu- level (organiza-
TMT tive teams) and interviewees (members of the two tional identities
top management teams over the 11-month period). of two top
No further specification. management
Case and informant homogeneity high. teams)

Saturation: not explicitly reported.

crucial role in the data collection and analysis process, indicating whether the col-
lected dataset is sufficient to move towards research findings or whether the data
collection process needs to be continued/altered. In this section, we review recent
qualitative studies conducted in the three analytical approaches.

5 Zooming in on the Gioia approach

5.1 Explanation of the Gioia approach

The Gioia approach views reality as messy and complex and focuses on identifying
concepts rather than analyzing or comparing individual cases (Gioia 2021; Gioia et
al. 2013). Gioia et al. (2013) claim that constructs, as abstract theoretical formula-

tions concerning phenomena of interest, serve as the focal point of analytical efforts.
Thus, the approach aims to develop aggregate dimensions that collectively capture
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Table 2 Exemplary studies in the Eisenhardt approach
Source  Case # Informants Sampling Level of
(case selection; homo-/heterogeneity, analysis
saturation)
Liu et al. 1 69 interviews Selection: Theoretical sampling; rich data Industry level
(2024b) Senior manag-  on the process of change, which is important (China’s
ers, middle for the construction of the theory (Eisenhardt tourism)
managers and 1989); Informant homogeneity high.
grassroot Saturation: until the coded content was able
managers. to embody the key constructs and achieve
theoretical saturation.
Séran 1 57 interviews Selection: Snowballing procedure, recom-  Organization
et al. 4 key infor- mendations to contact colleagues made it level (Business
(2024) mants, 2 elite easier to obtain new interviews with ad- Units in French
informants, ditional informants (Corley and Gioia 2004; bank)
directors, Miles and Huberman 1994): Informant
managers. homogeneity high.
Saturation: stopped the second round of
interviews once theoretical saturation was
reached, i.e., when no new codes emerged to
expand the current list of codes.
Crosina 1 116 interviews  Selection: Theoretical sampling (Glaser and ~ Organization
(2024) Founders Strauss 1967); first-time founders in cowork- level (Co-
49 informants ing space, because their situations presented working space)
interviewed considerations beyond focus, interviewees
twice. selected on a rolling basis; Informant homo-
geneity high.
Saturation: to realize that conducting addi-
tional interviews was unlikely to expand my
developed understanding
Su et al. 4 31 interviews Selection: Theoretical sampling as preferred Industry level
(2023) Executives method for case selection, as it aligns with ~ (enterprises
and senior objective of exploring the dynamic evolution balance their
management. (Santos and Eisenhardt 2009); Case and needs for
informant homogeneity high. legitimacy and
Saturation: Five remote video conferences  distinctiveness)
during 2020-2022, which supplemented the
data and allowed us to reach saturation
Zeng 1 34 interviews Selection: Tencent (case) provides excellent Meta-organi-
et al. Senior research setting because of its exponential zational level
(2023) management growth over 21 years, Theoretical sampling  (Platform-
for interviewees (Miles and Huberman Based En-
1994a); Informant homogeneity high. trepreneurial
Saturation: continued coding interview tran- Firms)
scripts until reached theoretical saturation
(Glaser and Strauss 1967).
Dattée 1 77 interviews Selection: Exclusive access to luxury Organiza-
etal. 50 informants automobile brand was established before tion level /
(2022) Multiple func-  within other projects. Theoretical sampling  industry level

tions and levels.

stated for interviewee selection; Informant
homogeneity high.

Saturation: Data collection and preliminary
analysis proceeded concurrently. 2015,
reaching saturation in the data collection for
our initial research question.

(Organizational
autonomy car
company and
parent)
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Table 2 (continued)

Source  Case # Informants Sampling Level of
(case selection; homo-/heterogeneity, analysis
saturation)

Soluk 15 127 interviews.  Selection: Theoretical sampling; identifi- Organization

and CEOs, directors, cation of case firms based on databases, level (Digital

Kam- and managers reports, and newspaper articles; cases added transforma-

mer- with regard to their digital initiatives and tion in family

lander progress to achieve variance in the sample owned Mittel-

(2021) (“polar types;” Eisenhardt 1989); Case and  stand firms)

informant homogeneity high.

Saturation: Following a theoretical sampling
approach Eisenhardt and Graebner 2007; Yin
2013; cases are added to replicate or extend
theory and to rule out alternative explana-
tions for outcomes until a stable theory
emerges and new data do not influence the
findings, indicating that theoretical satura-
tion has been reached (Corbin and Strauss

2008).
Zuzul 4 18 interviews Selection: Theoretical sampling of cases and Industry
and Analysts, found- interviewees. level (air taxi
Tripsas ers,and CEOs.  Case & informant homogeneity high. market)
(2020) Saturation: ‘finished analysis once we felt
we had reached theoretical saturation’.
Liand 7 183 interviews  Selection: Theoretical sampling; select cases Individual
Pie- Founder, succes- of succession; comparable set of cases (Yin  level (inter-
zunka sor, founder’s 1994) generational
(2020) wife, top manag- Case & informant homogeneity high. leaders}.lip ]
ers, members Saturation: From initially 31 cases, number ~ SUCCCSSIONS 1
ofth.e extended of cases and cases were reduced wave by seven Chinese
family. wave family firms)
Ozcan 5 56 interviews. Selection: Theoretical sampling (Eisenhardt ~Meta-organi-
and Marketing 1989). zational level
Hannah executives. Case & informant homogeneity high. (global con-
(2020b) Saturation: We continued engaging in re- sumerfgoods
peated iterations among data, literature, and ™M acturers
theory until we had a strong match between & ad partners)
theory and data.
Murray 8 38 interviews. Selection: Theoretical sampling of cases, Meta-organi-
et al. (four Focal founders. using campaign similarities pertaining to zational level
(2020a) matched certain criteria. Interviews with founders as  (entrepreneurs)
pairs) providing the most information (stratified
sampling)

Case & informant homogeneity high.
Saturation: the multiple data sources we
used and the interview techniques we em-
ployed provided convergent information.
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Table 2 (continued)

Source  Case # Informants Sampling Level of
(case selection; homo-/heterogeneity, analysis
saturation)
Cohen 8 70 interviews Selection: Following similar studies, that Organizational
et al. 37 ventures used a homogenous sampling strategy Miles level (accelera-
(2019) nested in 8 et al. 2014. For informants, a theoretically tors programs)
accelerator driven, within-case sampling is applied.
programs. Polar sampling Elsbach and Kramer 2003.

Case & informant homogeneity high.
Saturation: continued conducting interviews
until responses no longer added novel
insights Glaser and Strauss 1967.

Mec- 2 89 interviews Selection: No specific information on Industry level
Donald sampling. (ventures in a
and Gao Case & informant homogeneity high. n.ascent finan-
(2019) Saturation: iterative process continued until cial-technology
reach of a point of theoretical saturation sector
(strong correspondence among data, litera-
ture, and theory).
Han- 5 95 interviews Selection: No specific approach mentioned ~ Meta-orga-
nah and Executives and  but criteria for cases and informants. nizational
Eisen- complementors,  Case & informant homogeneity high. level (nascent
hardt Saturation: not explicitly reported. Several ecosystems)
(2018) steps to ensure data validity.
Dalpiaz 1 26 interviews. Selection: Alessi is an extreme case (Pet- Organizational
etal. 20 informants:  tigrew 1990); Theoretical sampling for level (combin-
(2016) CEO, senior interviewees. ing logics
managers. Case heterogeneity high & informant hetero- to transform
geneity high. organizational
Saturation: Code saturation. Not explicitly agency)
reported.
Davis 8 72 interviews Selection: Dyadic Sample (pairs); focus Industry
and Directors, on collaborations between strategically level (global
Eisen- product-line interdependent partners that have the key computing
hardt general manag-  antecedents of superior collaboration and com-
(2011) ers, laboratory ~ performance. No specific information on munications
and technical informants" selection. industries)
heads, scientists, Case heterogeneity high & informant homo-
and engineers geneity high.

Saturation: not explicitly reported.

the structure of relevant topics identified in the structures while acknowledging the
nuanced differences between cases (Gioia 2021; Gioia et al. 2013).

The sheer volume of potential categories requires a more focused and systematic
approach— a multi-stage process (Gioia et al. 2013). Gioia et al. (2013) suggest that
for the coding of the interviews, researchers should identify similarities and differ-
ences among the numerous categories—akin to Strauss and Corbin (1998a) concept
of axial coding. This process gradually distills the initial array of categories into a
more manageable set, often reducing them to around 25 or 30. Then, the researcher
has to assign labels or descriptive phrases to these refined categories, ideally using
the informant’s own terminology. At this stage, the researcher evaluates the array to
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Table 3 The flexible pattern approach (Bouncken approach)

Source Case Informants Sampling Level of
# (case selection; homo-/heterogeneity, analysis
saturation)
Kallm- 7 7 interviews Selection: Purposeful sampling with strict cri-  Organizational
uenzer teria, selected based on the maximum variation level (digitali-
etal. criterion (Palinkas et al. 2015; Patton 2002) zation in SME)
(2024) Saturation: Data collection was carried out
until data saturation was reached; this was as-
sessed via researcher triangulation.
Leso 4 13 interviews Selection: Diverse-case process Seawright and ~ Organizational
et al. C-level positions Gerring 2008; the selected cases should meeta level (digital
(2024) and managers minimum logic based on three selection criteria transformation
Lindgreen et al. 2020 capability)
Saturation: not explicitly reported.
Gern- 3 34 interviews Selection: Detailed criteria for case sample and Industry level
sheimer Middle industry (purposeful sampling), no detail on (coopetition
et al. and senior approach; key informant approach Taylor and  between MNE)
(2024) management Blake 2015. Respondents were first contacted
based on previous professional links. Addi-
tional contacts following the snowball method
Miles and Huberman 1994b
Saturation: continued to contact new respon-
dents until theoretical saturation was reached.
Antonio 15 21 interviews Selection: Purposeful sampling (Patton 2002);  Organiza-
etal. Managers or snowball sampling technique Bryman and Bell tional level
(2024) founders 2007. Sampling technique following theoretical (entrepreneurial
sampling to look for unique, revelatory infor-  ventures)
mation for theory building Eisenhardt 1989.
Saturation: collected interview data until we
could not gain further theoretical insights from
additional interviews (Corbin and Strauss
1990; Glaser and Strauss 1967).
Gartner 1 3 interviews Selection: Theory-based case sampling, no Meta-organi-
et al. CEO, direc- further specification. zational level
(2024) tor, and senior  Saturation: By using multiple types of data, (digital technol-
strategist. creating a database of materials, and following ~ 0gies in small
our case study protocol, able to ensure triangu- businesses)
lation, reliability, and quality control.
Bounck- 17 114 interviews,  Selection: Purposive sampling approach, fol- Organization
en and 52 informants lowing the principle of appropriateness and level (Legiti-
Tiberius Providers and adequacy (Eisenhardt 1989). macy Processes
(2023) customers of co-  Saturation: not explicitly reported. in co-working
working spaces. spaces)
Cardi- 19 19 interviews, Selection: Cases selected in line with Organization
nali et al. Founders, maximum variation principle; size was not level (Digita-
(2023) Co-founders, predefined Patton 2015; Informants reported lization pro-
consultants. selected according to theoretical sampling. cesses in small

Saturation: the research continued until
theoretical saturation was reached Corbin and
Strauss 1990

professional
service firms)
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Table 3 (continued)

Source Case Informants Sampling Level of
# (case selection; homo-/heterogeneity, analysis
saturation)
Bootz 1 8 interviews Selection: single case for both intrinsic and Organizational
and 2 informants. instrumental reasons; No details on informant  level (resilience
Lievre selection. construction,
(2023) Saturation: not explicitly reported. piloted com-
munities of
practice)
Schon- 12 24 interviews, Selection: Purposeful sampling, the selec- Meta-orga-
herr et al. tion of tourism organizations was built on the  nizational
(2023) researchers’ judgement. Interviewees were se-  level (Sustain-
lected according to the principle of judgmental —able tourism
sampling Miles et al. 2014 Patton 2015 policies)
Saturation: until theoretical saturation was
reached
Gatignon 1 >50 Selection: Case selected based on multiple Industry
and interviewees factors, approach not explicitly reported. In- level (open
Capron different levels  terviews: snowball sampling technique, which  institutional
(2023) and functions led to conduct additional interviews upon the infrastructure
recommendation of respondents. (OID)
Saturation: not explicitly reported.
Yigitand 13 17 interviews Selection: Purposive and theoretical sampling ~ Organizational
Kanbach Lower/middle/  Ligita et al. 2019 Glaser and Strauss 1967 level (technolo-
(2023) top managers Saturation: detailed information. Searching for gy-driven entre-

additional data based on concepts derived from Ppreneurship in
the initial analysis. (Glaser and Strauss 1967; SME)
Vander Linden, 2023 #30863)

Czakon 15 15 Interviews Selection: Purposeful sampling (Palinkas et al.  Organizational
et al. Owner, C-Level 2015), sample case selection criteria reported.  level (Anteced-
(2023) Participants were recruited partly from the so-  ents of family

cial circle of the researchers and partly through firm resilience)
an invitation posted on the University’s social

media site.

Saturation: Initial categories that emerged

during the first round of coding allowed us to

modify the interview scenario to obtain greater

theoretical saturation Saunders et al. 2018b

during the second round of interviews.

Lingens 8 52 interviews Selection: Sample cases needed to correspond ~ Meta-organi-

et al. Ecosystem to the view being used in the paper; sampling  zational level

(2022) orchestrators, techniques for cases and informants followed  (ecosystems)
managers the approach of previous studies on ecosystems

and related subjects.

Saturation: get as many as possible (internally
and externally) to check for any inconsistencies
with statements made in the interviews and to
get more background knowledge on the cases.

Smiljic 5 39 interviews Selection: Purposive sampling of cases after Industry level
etal. expert interviews; snowballing procedure for (coopetition)
(2022) interviewees.

Saturation: not explicitly reported. Trustworthi-
ness of the data explained with triangulation
and discussions between authors and peers.
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discern any underlying structures. Afterward, the researcher should be capable of
thinking at multiple levels simultaneously: to consider both the informant’s terms and
codes as well as the more abstract, second-order theoretical themes.

Within the second-order analysis, the researcher can depart from the initial
arrangements while exploring whether the emerging themes can offer concepts that
enhance understanding and explanation of the observed phenomena. A departure
from existing theory may form nascent or established concepts that stand out due to
their relevance to new contexts. The evaluation of relevance hinges on the research-
ers’ perception (Czakon and Czernek-Marszalek 2020).

After having developed a viable set of themes and concepts and achieved what
Glaser and Strauss (2009) refer to as theoretical saturation, these “second-order
themes” should be distilled into broader, overarching “aggregate dimensions.” The
research process involves a cyclical movement between emergent data, themes,
concepts, dimensions, and the relevant literature (Heath and Cowley 2004). When
researchers establish the complete set of first-order terms, second-order themes, and
aggregate dimensions, they gain a comprehensive framework. It enables researchers
to systematically organize and interpret the data, facilitating a deeper understanding
of the underlying patterns and relationships within the research.

Gioia et al. (2013) recognize that when finalizing the data analysis, researchers
inevitably encounter the challenge of differing interpretations regarding certain infor-
mant terms and passages. When there is significant disagreement about some coding,
researchers are encouraged to revisit the data, engage in collaborative discussions,
and work towards a consensus on interpretations. Gioia et al. (2013) mention estab-
lishing consensual decision rules for coding various terms or phrases, or, additionally,
employing independent coders unfamiliar with the study to code portions of the data
and to calculate intercoder agreement percentages (O’Connor and Joffe 2020).

However, the diversity in cases or insights is only considered because they need to
be integrated into the circular interpretation process and comparison with prior litera-
ture. If discussions between coders cannot produce agreement— hence harmony— then
additional information is needed to integrate the diverging views into a coherent set
of codes. In other words, discord between coders collides with saturation and justifies
further data collection following the predetermined sampling strategy or altering the
cases and informant selection.

5.2 Case selection and saturation of the Gioia approach

The construct development within the Gioia analysis is naturally tied to guiding the
case selection with high levels of saturation. The data saturation criterion and data
coding procedures implicitly assume that there is a unique data structure that can
be unveiled by examining enough cases, thus by saturation. Homogeneous samples
can be helpful in identifying phenomena, particularly when the criterion for select-
ing cases is i- (importance) or e- (extreme). Such a sampling strategy helps identify
those cases that exhibit anticipated characteristics or exceed the normal, making the
examined phenomenon likely more visible than in a heterogeneous sample (Palinkas
et al. 2015; Fehrer et al. 2024). Notwithstanding, the implicit assumption is that the
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phenomenon under scrutiny is singular and possibly has various degrees of charac-
teristics with a unique substance.

Still, the matter of purposeful sampling is only indirectly present. The construct
development aligns with the development of coherent aspects of new categories by
the second order and aggregate dimensions. The approach is not only about fully
understanding existing categories but also about examining and providing new codes
that inform theory. The new development may additionally permit the validation of
existing theories. Commonly, the approach can integrate redundancy in assembling
first-order concepts. As such, it is tightly connected with saturation which tends to be
achieved more smoothly by interpreting information from informants in single cases
or across similar cases. As indicated in Table 1, the focus is on harmonious insights.

The cases presented in Table 1 show, in brief, our review of previous studies.
It varies from single case to multiple case studies, highlighting the methodological
advantage of qualitative research. Specifically, single-case studies include works as
the one by van Offenbeek et al. (2024) which focus on the contextual aspects of
the focal environment. On the other hand, multiple-case studies (Fehrer et al. 2024,
Klammer et al. 2023) offer heterogeneous views across different contexts, increas-
ing their research’s external validity. The nature of case selection is informed by the
research question and the context in which the observation is made.

Informant heterogeneity can be regarded as an advantage (Jia et al. 2023), when
the informants are divided into different roles and skill levels to achieve a diversity
of views, typically by higher numbers of informants. Likewise, van Offenbeek et al.
(2024) use cross-sectional variation in departments as a source of variation to reveal
organizational factors affecting technology use.

Nevertheless, several works contain cases of informant homogeneity (Fehrer et al.
2024; Weniger and Jarchow 2024), where participants act in a specific domain and
are known regarding their area of expertise. Although such homogeneity enhances
the depth and credibility of the study, it is a drawback in terms of the generalizability
of the results to other client groups. More emphasis should be placed on reporting
saturation thresholds, which could improve the assessment of informant generaliz-
ability and data adequacy.

Some studies indicate data saturation (Bouncken and Tiberius 2023; Buesching
et al. 2023), code saturation (Nag and Gioia 2012), and theoretical saturation (Diaz-
Moriana et al. 2024; Piepponen et al. 2022; Schell et al. 2023). Yet, saturation prac-
tices are not detailed on a regular basis. Out of the 16 reviewed studies that followed
the Gioia approach, only 6 report saturation.

From the review of studies, we deduct that the question of harmony and discord
has not been explained for the selection of cases and informants for the specific case.
While the reviewed studies specify the final sample, the sampling design, including
a predetermined number of cases and informants and saturation assessment indicat-
ing the stopping point, are systematically absent. Hence, the process of address-
ing discord or establishing harmony during data collection and analysis is seldom
reported. In short, we deduct that to grasp the phenomenon, some diversity of views
is important, but complete discord is not purposeful. Strong discord does not permit
to develop a clear system of concepts. Strong discord, when not used for specific
theory development, may reflect an unsatisfactory status of data collection and analy-
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sis that encourages further scrutiny. Instead, to develop the conceptual framework,
researchers will search for coherence of the second order or aggregated level, in
particular. Such harmony within or among two levels may exist within a case across
diverse informants but also across cases that may be heterogeneous.

Gioia et al. (2013) assume that many concepts and processes exhibit similari-
ties and structural equivalencies across different domains (Morgeson and Hofmann
1999). The equivalencies may exist among and across levels. However, more dis-
cord helps extract transferable concepts and principles (Lincoln and Guba 1985) that
increase the relevance of qualitative findings to a broader audience. This potential
transferability of Gioia et al. (2013) diverges from that of pure interpretivists, who
often argue that socially constructed structures and processes are inherently idiosyn-
cratic due to their formation by unique individuals within specific contexts.

We add that the Gioia approach can make specific use of discord. We suggest that
the researcher following the Gioia approach does not only extract concepts over the
levels but also identifies and ‘clusters’ discriminating criteria, which are then aggre-
gated into the second order or aggregate level. These criteria can be used afterwards
for modeling the discord and different categories or relationships.

When searching for concepts that cover or explain discord, the researcher can step
forward in delineating differences and generalizations. Typically, generalization from
a case study is feasible if the case reveals concepts or principles with clear relevance
to other domains (Bansal and Corley 2011).

Still, the question of harmony or discord has not been explicitly addressed or dis-
cussed by proponents of the Gioia approach. We suggest that the Gioia approach
demands both harmony for the framework development and that discord is to be
expected along the way towards harmony, with differences being useful for defining
boundaries and generalizations. As indicated before, discord can be specifically used
and integrated into concepts within the framework to develop theory on differences
and criteria for generalizations.

The concepts along the framework might be derived from very different but also
homogeneous perspectives of interviewees who might be located in the same areas
but also in different or disparate areas (roles, departments, firms, geographical and
national contexts) to allow for a variety of perspectives as well as generalizations
or stylizations. As aforementioned we also suggest that increasing divergence may
add to finding the typicality of the cases or specific configurations, something that is
discussed under the umbrella of purposeful sampling.

We argue that developing a compatible structure across informants and cases
implies that there is overlap or agreement among the interviewed individuals. Yet,
previous research in using this approach has not explicitly addressed whether a
greater degree of harmony in responses can be beneficial for identifying common
concepts, even though these concepts may still vary across different cases, appear in
some, be more prominent in others, or absent at times. Hence, our ideas may point
toward a new direction not intended by previous research. Yet, we believe that con-
trasting firms, functionalities of respondents, or higher hierarchy levels by following
thoughts about discord may lead to diverse and novel insights that allow to develop
new models. Results that discord can be used for enriching insights. With greater
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coverage of discord and finding reasons for it, allows finding generalizations. It can
lead to various possible, equifinal patterns that inform new theory.

Hence, following our suggestions here, researchers may reach greater levels of
harmony when they can aggregate more coherent codes to common dimensions
across different informants or cases. Greater harmony may also come from a bet-
ter understanding of discord by identifying its reasons. For example, discord may
inform contingency factors, categories of effects, or conditions. As such, discord
sparks additional analyses, turns researchers’ attention back to data collection, and
fosters interpretative efforts. In short, iterations typical to qualitative research (Locke
et al. 2022) are nurtured by discord.

Heterogeneity or homogeneity at case and informant levels can be designed or
presumed a priori, but harmony or discord emerges in the minds of researchers as the
data collection and data analysis processes unfold. In this sense, harmony and discord
play a pivotal role in the Gioia approach. Therefore, transparency and reporting har-
mony or discord among informants, cases, or their occurrence through the identifica-
tion of explaining factors are crucial for qualitative research.

6 Eisenhardt and case comparisons
6.1 Explanation of the Eisenhardt approach

The grand reception among management scholars of the case study design (Yin 1981),
as typically employed by Eisenhardt and colleagues, led to the so-called Eisenhardt
method (Eisenhardt 1989, 2021; Eisenhardt and Graebner 2007; Eisenhardt et al.
2016; Gioia et al. 2022). The Eisenhardt method (Eisenhardt 2021) aims at theory
building (Cousins et al. 2008) by linking constructs through mechanisms useful for
explaining the phenomenon under scrutiny.

Researchers following this approach need to explain the theoretical generalizabil-
ity, empirical testability of emerging propositions, and the logical credibility of the
arguments (Eisenhardt 2021). Notably, the Eisenhardt method incorporates the sam-
pling process into the theory generation by explicitly specifying the boundary condi-
tions that are important for the scope of the theory. A particularity of the Eisenhardt
method is its cross-case analysis implying that multiple cases offer a higher chance
of contributing to theory generation.

However, direct indications of how many cases are to be included in a-priori argu-
ments are absent from the method. Defining the number of cases is not central to this
approach, but rather defining the theoretical reasons and pragmatic boundaries that
influence the case selection (Eisenhardt 2021; Gehman et al. 2018).

6.2 Case selection and saturation in the Eisenhardt approach
The Eisenhardt (1989) approach incorporates less inherent saturation steps. Instead,
it prioritizes identifying varying contingencies or mechanisms through the analysis.

To prevent excessively broad data collection, studies in this tradition followed cer-
tain practical guidelines, typically ranging between four and ten cases (Eisenhardt
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1989: 545). The focus of the approach lies in capturing subtle distinctions to grasp
not just relationships but also variations and contingencies that contribute to theo-
retical advancement. Cases may exist within a single case setting or span multiple
cases, such as firms. A core principle is an in-depth comprehension of case-related
concepts and effects, emphasizing depth over variety. Researchers may exclude firms
that fall outside theoretical relevance, which is an explicitly formulated guideline for
discord use during the process of data analysis. Differently from the Gioia approach,
researchers are encouraged to reduce the number of cases as a valid option for finding
harmony, rather than expanding the sample.

In this vein, Kirtley and O’Mahony (2023) selected early-stage ventures character-
ized by significant uncertainty—both technological and market-related—to heighten
the probability of strategic shifts, such as pivots, which were central to their study.
Cohen et al. (2019) opted for eight leading accelerators to maintain quality. Given
that saturation is closely linked to the informant(s), multi-case studies feature varying
numbers of informants per case (Su et al. 2024) or repeated interviews with the same
participants (Dattée et al. 2022). Interestingly, case numbers can be as low as one,
provided multiple informants contribute, such as 20 (Dalpiaz et al. 2016), 69 (Liu et
al. 2024b), or even 119 (Crosina 2024). Saturation appears to be highly dependent on
context rather than solely dictated by study design.

The guideline of “careful case selection” generally aligns with theoretical sam-
pling, emphasizing cases where the phenomenon in question is most likely to mani-
fest or where multiple cases provide converging and diverging insights (Eisenhardt
2021). Cases may be purposefully chosen to achieve greater consistency and com-
parability while enhancing coherence through intentional selection. Several strate-
gies commonly used within this approach guide case sampling, including selecting
cases, are: (1) with similar antecedents, (2) matched pairs, (3) racing models, and (4)
polar types. Conversely, cases may be purposefully selected from distinct contexts or
phases, ensuring diverse perspectives on the central phenomenon, thereby increasing
generalizability or facilitating the transferability of findings across various settings.

Cases sharing common antecedents are expected to shape focal outcomes, allow-
ing researchers to analyze the intermediary process. For instance, Davis and Eisen-
hardt (2011) examined R&D collaborations among firms, selecting cases where
prior research indicated factors such as comparable size and national culture would
predict successful partnerships. They then explored the internal mechanisms within
these collaborations. This design “controls” for well-known alternative explanations,
enabling a sharper focus on intermediary processes and their effects on primary out-
comes. The interesting aspect of this design is that, despite initial similarities, cases
often expose distinct processes and varying outcomes.

Researchers following this approach have also pursued matched pairs, selecting
two cases with comparable—or even identical—antecedent conditions to contrast
subsequent developments and results (Bechky and O’Mahony 2015). Navis and
Glynn (2010) examined two firms that pioneered the new category of satellite radio.
Though the firms started under similar conditions, they followed divergent paths and
achieved different outcomes. Likewise, DiBenigno and Kellogg (2014) analyzed col-
laboration within a hospital by comparing two medical units with similar staffing and
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structural conditions. Despite these parallels, one unit fostered successful coopera-
tion between nurses and technicians, whereas the other did not.

Another purposeful sampling approach is the racing model, where cases—often
startups—commence simultaneously under comparable starting conditions, such as
founding team, geographic setting, and financial backing. They then progress toward
a defined milestone, such as an IPO, unicorn status, or another significant temporal
benchmark (Hannah and Eisenhardt 2018; McDonald and Eisenhardt 2020; Ozcan
etal. 2017).

This racing model functions as a natural experiment, aligning seamlessly with
the growing emphasis on causal identification within the research community. It is
especially valuable for examining shifts in momentum throughout the “race” (Tidhar
and Eisenhardt 2021) and across successive temporal phases (Hannah and Eisen-
hardt 2018). Tidhar and Eisenhardt (2021) observe that ventures achieving sustain-
able growth begin with a slow-paced business model design but gain speed as they
scale. In contrast, less successful firms develop their models rapidly. They experi-
ence initial rapid expansion yet ultimately lose momentum. The racing model proves
particularly effective for studying new ventures, where frequent failures often yield
clear-cut outcomes.

A comparable approach is the polar types design, where cases are selected based on
extreme contrasts—such as rapid versus slow decision-making or strong versus weak
performance—while remaining alike in many other respects (Langley and Abdallah
2011). In a similar vein, Martin and Eisenhardt (2010) examined collaborations with
both high and low performance within six software firms, effectively holding the
company and its leadership constant. Their analysis revealed distinct collaborative
dynamics that tended to drive success or failure.

Murray et al. (2020b) explore how ventures secure crowdfunding by selecting
comparable startups with both highly successful and less effective fundraising efforts.
Zuzul and Tripsas (2020) examined four companies within the emerging air taxi cate-
gory—two that adapted over time and two that remained rigid. Their analysis reveals
how distinct founder identity dynamics set off reinforcing cycles of either adaptabil-
ity or stagnation. The polar types approach is particularly valuable for highlighting
stark contrasts between cases (Eisenhardt 2021).

Typically, the Eisenhardt approach determines both case selection criteria and
number in advance. While refining the initial set to enhance depth is justifiable, cases
are generally chosen based on criteria aligned with the study’s objectives (Eisenhardt
2021). The number of cases emerges as a result of these criteria rather than being a
concern in itself. Eisenhardt emphasizes the importance of a more intentional focus
on boundary conditions, competing explanations, and theoretical linkages, especially
in multi-case research (Gioia et al. 2022).

In the studies summarized in Table 2, we note a substantial variation in the number
of cases while studies follow purposes. The single-case designs dominate with 6 out
of 18 studies (Crosina 2024; Zeng et al. 2024; Séran et al. 2024). Interestingly, these
studies involve various and typically high numbers of informants ranging from 26
(Dalpiaz et al. 2016) to 116 (Crosina 2024), often interviewed over extended peri-
ods of time more than once. This clearly suggests a high context dependency and
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pragmatic reasons, including resource constraints and access to informants that may
shape the final set.

For multiple case studies, their number ranges from 2 (McDonald and Gao 2019)
to 15 (Soluk and Kammerlander 2021), with a majority involving an even number
of cases, e.g. 8 (Davis and Eisenhardt 2011) or 4 (Zuzul and Tripsas 2020), but also
odd numbers, e.g. 5, (Ozcan and Hannah 2020a) or 7 (Li and Piezunka 2020). In
multiple case studies, the number of informants ranges from 15 (Soluk and Kam-
merlander 2021) to 183 (Li and Piezunka 2020). Most studies show a high level of
informant similarity. These sources include the works of Liu et al. 2024a), which call
for informant consistency to gain focused insights into a study (Crosina 2024); Zeng
et al. 2024). Still, the method of Su et al. (2023) is the midpoint between the case
selection homogeneity and the diversity of informants, that is, industry coverage.
Regarding saturation, these works refer to theoretical saturation (Liu et al. 2024a)
consistently with the basic assumption of the Eisenhardt approach, which is aimed
at theory development. However, meaning saturation is also reported (Crosina 2024)
and data saturation (Su et al. 2023). In 3 out of 16 cases, we find no information about
saturation, which may suggest that, differently from the Gioia approach, reporting
saturation occurs more systematically in the Eisenhardt approach.

In conclusion, the Eisenhardt approach seems to embed heterogeneity and some
homogeneity into the case selection design by intentionally involving cases that dis-
play similarities and differences across cases, thus encouraging a theory development
effort by researchers to reach harmony. Interestingly enough, while single cases ,,may
not generalize well“ (Eisenhardt 2021: 151) they are still a popular design among
researchers, as they offer the unique opportunity to gain deep insights. However, this
implies carefully considering informants to achieve a diverse set of insights, which
typically involve way more informants per case than in multiple case studies.

7 The Bouncken approach - Flexible pattern matching

The goal of studies following the Flexible Pattern-Matching Approach is to delve
into how discrepancies and disruptions arising from the pattern-matching process
can be leveraged to challenge, refine, and evolve theoretical constructs (Alvesson and
Kérreman 2007). Conversely, the identification of consistencies through this process
serves to test or broaden the contextual boundaries of established theories, enriching
their explanatory power (Bouncken et al. 2021b).

The logic behind this spans the space between partial and full pattern matching (Yin
1981). The approach is based on the development of expected patterns (e.g., propo-
sitions or configurations) from theorizing that then are compared with the observed
patterns (Bouncken et al. 2021a). The dive into empirical patterns may include the
understanding of phenomena and the development of their concepts as suggested by
the Gioia approach (Bouncken et al. 2021a). The comparison is not static. As typi-
cal for qualitative research, flexible pattern matching includes a dynamic research
process that weaves together the iterative comparison between theoretical patterns
drawn from scholarly literature, and the organic patterns that emerge from empirical
data (Sinkovics 2018).
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Theoretical patterns are distilled from existing related theories, while observed
empirical patterns gradually take shape through an ongoing cycle of iteration and
comparison between these theoretical constructs and the data gathered (Bouncken et
al. 2021a). In short, the assumption underlying the Bouncken approach is that discord
between theoretical and empirical patterns is a starting point, purposefully built in the
study, rather than emerging at the data analysis stage like in the Gioia and Eisenhardt
approaches. The role of researchers is to achieve harmony, and the method offers an
audit trail for this harmony-seeking process in several steps (see Fig. 2).

To effectively compare a predicted theoretical pattern with an observed empirical
one, scholars must first craft a robust and nuanced theoretical framework grounded in
existing literature, which serves as the guiding compass for the research design. This
initial framework forms the foundation for systematic inquiry and analysis.

Initial ideas about the use of flexible patterns for literature analysis (Sinkovics
2018) inspired empirical qualitative research (Bouncken and Barwinski 2021; Gati-
gnon and Capron 2023; Sinkovics et al. 2014) and guided further method develop-
ments (Bouncken et al. 2021a, b). Since then, a growing number of empirical studies
applied the flexible pattern method (see Table 3).

To allow for more effective theorizing upfront and dynamic research designs, the
Bouncken method follows the idea of scrutinizing especially the contrasting findings
and cases but also offers avenues for looking at more granular patterns by adding
empirically grounded elements missing from the theoretical patterns (Czakon et al.
2023). Ross and Staw (1993) sought to deepen the foundation of escalation theory,
aiming to fill a theoretical gap at the organizational level by testing two propositions
conceptualized as theoretical patterns. Through meticulous examination of archival
records and interview data, Ross and Staw (1993) not only identified congruence
with their initial propositions, reinforcing the existing theories, but also cultivated a
nuanced understanding of the phenomena of organizational escalation, exit, and its
resolution. The early work using flexible patterns explains the strong comparison of
theory and cases.

Theoretical Theoretica Theoretical Theoretica
patterns patterns patterns patterns
|
v

Theoretical Initial data Comparing Interpretin Integration of
sampling & == analysisand [~ and surfacing [~ i thlzorizh% trends and >
data collection matching new constructs £ changes

H f Process
H |
bserve Observed Harmony
atterns A terns
H
Data Data
organization organization

Field research
& data
collection

Fig. 2 Flexible pattern matching design from data collection to process identification, adapted from
Bouncken et al. (2021b)
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7.1 Case selection and saturation in the Bouncken approach

At the heart of theoretical development lies the task of illustrating and elucidat-
ing deviations from established theories. As such, the explicit assumption of the
Bouncken approach is to build discord in the case selection process. While some
cases and observations may affirm the initial theoretical propositions, the true theo-
retical contributions often emerge from the comparative analysis and the novel, often
more granular insights derived from these deviations. Thus, the heterogeneity of
insights and cases becomes the cornerstone of the method. To uncover and juxtapose
concepts, the flexible pattern approach can seamlessly incorporate elements of the
Gioia analysis, enriching the overall framework with diverse and innovative perspec-
tives, including patterns that unfold over time (Bouncken et al. 2021b).

However, the flexible pattern approach might consider different informants or
mechanisms by using a single case study. In this, researchers may follow the assump-
tion that single case studies often yield more complicated and over-determined
theories than multiple cases, while single case theories may not generalize well. In
contrast, multiple cases make it easier for researchers to identify and sharpen theoret-
ically relevant construct definitions at an appropriate abstraction. Curiously, although
understanding overlap, departure, and emergent insights are at the heart of the flex-
ible pattern approach, there is a notable lack of discussion regarding how to manage
the diversity of cases and perspectives (Bouncken and Tiberius 2023).

Specifically, there is little debate on whether researchers should aim for greater
homogeneity -respectively harmony— to support their finding of overlap, departure,
and emergent ideas or embrace a wider heterogeneity in the selection and analysis of
respondents and their respective cases.

In the Bouncken approach, homogeneous samples are likely to help identify an
empirical pattern by matching it to a pre-identified, literature-driven one. Yet, it might
fail to detect an emergent pattern that really pushes on the theory end. However, when
sampling is heterogeneous, then the Bouncken approach helps to identify several
different or emerging empirical patterns, rather than seeking a unique phenomenon
description. As a result, the initial sampling heterogeneity is not expected to end up
in a coherent single outcome finding but instead offers a clear opportunity to identify
different ones. Still, the differences identified provide greater likelihood of depart-
ing from initial theoretical assumptions and guiding emergent patterns, which might
occur as boundary conditions or additional mechanisms.

Studies within the Bouncken approach vary in choosing a single-case or multiple-
case selection. However, the majority follows a multi-case approach where cases are
connected either within an industry framework or a network or relational framework
that might set some commonality. Hence, they encapsulate the possibility of differ-
ences within a common— homogenous frame.

For instance, Bouncken and Barwinski (2021) used a multi-case cross-sectional
case study design with purposeful sampling to identify 10 firms positioned in the
3D printing value chain. They considered their cases to be composed of both similar
and contrasting instances following the selection criteria: (a) their position within
the value chain, (b) the extent of their global and local networks, and (c) the signifi-
cance of 3D printing to their business models. The consideration of agreement and
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departure was further organized by two distinct pattern-matching exercises. They
first focused on examining various forms of knowledge and their respective exchange
methods. For the second pattern match, Bouncken and Barwinski (2021) narrowed
the sample to include only those cases that deviated from the theoretically antici-
pated patterns, allowing them to delve deeper into the mismatches and explore their
underlying causes. Later, Bouncken and Tiberius (2023) followed the same criteria
in a long-term analysis of coworking spaces, covering several space-level informants
and user-level informants over time and aligning them with interpretations of written
narratives for sorting the cases.

Gernsheimer et al. (2024) localized their analysis in one industry, researching
three firms and 34 interviews from different functions. The findings largely support
theoretical expectations. Gernsheimer et al. (2024) compared expected and observed
cases but did not add the emerging or departing findings. Potentially as laid in the
very similar cases, the results do not deliver great discrepancies but refinements of
coopetitive tensions and structural solutions. The setting of very similar cases, even
when following a method directed at contrasting findings, tends to deliver more
coherent results and refinement.

The Bouncken approach is especially about finding new insights from the har-
mony and discord (during the analysis and less upfront) of the theoretical framework
and the empirical insights. Discord seems to increase when researchers consider
some variety of cases or from a comparison among timelines, where change occurred
to cause internal or external challenges. In this vein, we find single-case longitu-
dinal analysis (Gatignon and Capron 2023) and multi-case comparisons over time
(Bouncken and Tiberius 2023). What sets the flexible pattern matching approach
apart from the two other approaches considered here is its keen focus on the nuanced
interplay between theory and observation, a distinction that elevates it beyond the
Gioia approach, which emphasizes capturing the essence of informant meaning, and
the Eisenhardt approach, which hones in on refining distinctions within particular
settings.

The studies presented in Table 3 vary from single case (Gartner et al. 2024) to
multi-case studies with 15 cases (Antonio et al. 2024; Bouncken and Tiberius 2023).
Exploratory qualitative studies, for instance, Gartner et al. 2024), focus on one orga-
nization, providing a close look at digital scaling in small businesses. By contrast,
Antonio et al. (2024) use the multi-case research approach to derive comparisons
across various types of ventures with different digital business models. Other inter-
mediate studies are Kallmuenzer et al. (2024), with seven cases, and Artyukhov et
al. (2024), with four cases. The number of informants for single cases ranges from 3
(Gartner et al. 2024) to more than 50 (Gatignon and Capron 2023). For multiple case
studies, informants vary from 1 per case (Kallmuenzer et al. 2024) to more than 10
(Gernsheimer et al. 2024). Regarding saturation, 6 out of 13 studies did not report
it; others reported data saturation (Kallmuenzer et al. 2024) and theoretical satura-
tion (Czakon et al. 2023). From the comparison of studies, that greater departure in
the form of emerging patterns/findings tends to occur with a greater variety of cases.
Interestingly, we could not identify a study that actively mentioned the integration of
contrasting cases. Potentially, researchers aimed not to use the approach to actively
build discord.
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Essential to the Bouncken approach is the possibility that cases depart from pre-
vious theoretical beliefs for developing novel theory. Still, not all studies include a
departure that justified the evolvement of new theory. The departure may rely on
cases that contrast established theory but also cases that contain concepts or relation-
ships that depart from previous theorizing. The departure might stem from insights
provided by a single case study studied over time, especially when the environment
changed. The variety might also stem from different firms included in the design but
also informants from different functions.

We believe that the discord between theoretical expectations and observed reali-
ties, as well as the revelation of unforeseen patterns, provides the researcher with a
fertile landscape for constructing new theoretical insights. What may at first glance
seem like a “flaw” in the form of mismatches is, in truth, a hidden “opportunity”
to reimagine, refine, or expand upon existing theories or even to spark the genesis
of entirely new theoretical paradigms. These divergences offer a rich and dynamic
foundation upon which to cultivate deeper understanding and pave the way for intel-
lectual innovation.

8 Concluding Discussion- and the matter of harmony and discord

Our work was interested in providing explanations and guidance for qualitative
research on case selection and saturation helpful in selecting appropriate numbers of
cases, informants, and their degree of similarity. Initially, we presented an overview
of established concepts and suggested measures of purposeful sampling and satura-
tion. The review shows variations and overlaps of different models across different
research domains and research models. By assessing studies from diverse academic
fields on purposeful sampling and saturation, we contribute a rich view of how to
rigorously conduct case studies in business and management research. We synthesize
and illustrate our review with Fig. 1, which emphasizes the pivotal role played by
harmony and discord in qualitative research.

In business and management research, the complexity and ambiguity of how to
design qualitative research is high because research questions typically do not only
relate to the individual as one case. Instead, individuals are nested in groups, orga-
nizations, among organizations, or other collective entities such as industries or cat-
egories. As such, we contribute to previous research reflections on the purposeful
sampling of cases and saturation that are typically related to different levels. The
question expands to whether to concentrate on one level or to extend the analysis
across levels, and what it means for the definition of what multiple cases are.

Especially saturation in business and management studies needs to take into
account the level of analysis- such as the individual, group, hierarchical level but also
firm, inter-firm, or industry level. While management scholars may follow recom-
mendations from other fields for individual-level cases, they also need to study phe-
nomena at team-, organization, or meta-organizational levels of analysis. Guidance
regarding the selection of cases needs to be complemented by saturation regarding
informants. Hence, the assessment of case selection refers to both purposeful sam-
pling and informant saturation. The consideration of levels also extends the question
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Gioia approach Eisenhardt approach Bouncken approach
PROCESS 1. Purposcful sampling Theoretical sampling focused on Distill expected theoretical patterns
2. First order analysis: coding to identify DISCORD from existing related theories
and label topics ideally in informants Categorization: organize and group Theoretical sampling expecting
own terms raw data DISCORD
3. Second order analysis: discern Abstraction: conceptualize by Organize data
structures and relate to abstract comparing data and theory by Compare theoretical patterns with
concepts focusing on DISCORD empirical patterns:
4. Distill agrregate dimensions Theorizing;: develop explicit 1. TfDISCORD then flexibly
1. IFHARMONY between coders arguments explaining the match additional constructs,
then a comprehensive relationships between constructs. mechanisms, or outcomes
framework has been reached; Examine altemative explanations to 2. HARMONY is the objective of
2. IfDISCORD then further data identify boundary conditions to rescarch
collection needed and/or findings by examining DISCORD and
altering sampling design. HARMONY
QUTCOMES i 1. Identify concepts Theory building Refine, challenge, evolve theoretical
2. Identify concept dimensions Define constructs and measures. constructs
3. Establish concept’s structure Identify relationships between Add missing constructs to theory
constructs as explicit mechanisms Expand or alter theoretical
Identify boundary conditions mechanisms linking constructs.

Fig. 3 Comparison of the three approaches to qualitative data analysis in business and management
research

of how many informants are needed for each level or case and how the number of
informants has to be balanced.

We encourage further research to specify and explain in cross-level studies where
they identify harmony or discord. Regarding discord, its role differs across the three
approaches. It is, hence, important that researchers explain the role discord played
in the design and iterations of their study. For further theory building, researchers
should try to develop specific criteria, contingencies, or relationships that explain
discord and if that leads to greater harmony in other terms.

Our work here examined three typical qualitative research methodologies in busi-
ness and management. The qualitative inquiry serves different purposes in each of
the portrayed approaches: the Gioia, Eisenhardt, and Bouncken approaches. While all
serve the purpose of theory building, they do so in different ways (Fig. 3).

The Gioia approach offers a unique opportunity to identify the categories and their
properties relevant to understanding phenomena. In this process iterative compari-
son of pieces of information among themselves and with the literature helps empiri-
cally grounding categories. The Eisenhardt approach follows a careful case selection
in view of cross-case comparisons that help achieve a comprehensive coverage of
the phenomena under scrutiny. Discord is anticipated among cases. By doing so,
researchers start with categories but need to identify links between them and offer a
theoretical explanation. The Bouncken approach follows a distinct procedure by first
establishing the theoretical patterns from prior literature and then comparing rich
insights from cases with those theoretical patterns. Discord is anticipated between the
selected cases and theoretical patterns. By doing so, researchers depart from estab-
lished views, gain in granularity, and make corrections to previously proposed pat-
terns. Based on our analysis we suggest that the Gioia approach opts for harmony in
seeking concept definitions, the Eisenhardt approach involves discord in the design
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of studies, while the Bouncken approach incorporates a duality of harmony and dis-
cord in the research design.

Additionally, our overview of recent literature indicates a substantial variation in
the number of informants relative to cases— from single informants (Cardinali et al.
2023; Kallmuenzer et al. 2024) to multiple informants per case (Bootz and Lievre
2023; Gatignon and Capron 2023). Interestingly, very few studies report multiple
waves of interviews in search of saturation (Czakon et al. 2023).

Accordingly, our third contribution to theory refers to discussing purposeful case
selection and saturation in the three approaches. We emphasize that each of the three
approaches differs in purpose and, as such, sets different demands on what the often
overstretched but still somewhat empty term ‘purposeful’ implies. In addition, we
discussed the question of how strongly informants and cases should deliver harmony
through discord. For example, the Gioia approach concentrates on creating a frame-
work that shows harmony and in which the researchers gain consensus about the con-
cept. In this, harmony across informants, levels, and cases helps to achieve alignment
within the framework. Yet, for understanding when and how a phenomenon evolves,
some departure can help. Still, the review of existing studies reveals that researchers
have focused on single or similar cases.

In contrast, the Eisenhardt approach aims to understand different relationships from
multiple cases. Prior criteria have been developed for developing various insights
that might be afterward condensed into mechanisms. It explicitly demands reporting
how researchers design their study by relating case selection with a data analytical
approach. Furthermore, cases appropriate for the study are defined by their charac-
teristics, not their numbers. Importantly, single cases can offer invaluable insights
when researchers collect rich data through multiple informants, multiple interviews,
and repeatedly over time. The Eisenhardt approach explicitly emphasizes that setting
the number of cases a priori is helpful but is not a prerequisite of rigor. Importantly,
the number of cases included in the final study might be lower as compared with the
initially defined set, given saturation requirements. A dual approach of aiming for
similarity but also for diversity is included in the Bouncken approach.

We identify three distinct ways of assessing saturation based on criteria, principles,
and activities. We encourage authors, reviewers, and readers to use those ways to
examine qualitative research. Our review of relevant management literature reveals
that non-disclosure of saturation is quite frequent. Also, even those studies that report
on saturation often do not explain why researchers opted for data saturation, theoreti-
cal saturation, or meaning saturation. We encourage a more systematic emphasis on
transparent reporting of saturation choices.

9 Limitations and future research

Our reflections did not touch upon the controversial discussion on the use of tem-
plates in qualitative research. The discussion and criteria for case selection that we
suggest here have a slight overlap with templates, so one might criticize us for some
standardized suggestions. Templates can achieve standardization and coherence, for
example, by forcing codes into second-order and aggregate dimensions. Yet, we fol-
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low Patton (2002) in that qualitative analysis evolves data into findings but that there
is no formula for this transformation, only guidance. Langley steering process case
study research (Langley et al. 2013, 2023) concludes the merits of having tools for
qualitative research but also the necessity to reflect and contemplate the analysis and
implications (Gioia et al. 2022). A limitation may also be our brief overview of the
Gioia and Eisenhardt methods, which have inspired numerous studies that we could
not cover all in our overview. As a result, our review is far from exhaustive. Including
additional studies, even from other disciplines, could offer fresh insights that either
challenge or enrich our reflections. Future research may build upon our criteria for
assessing homogeneity and apply these to their studies for a more comprehensive
evaluation.

Similar to recommendations about recent quantitative methods (Dul et al. 2023) or
systematic literature reviews (Kraus et al. 2024) further qualitative method research
could focus on specific questions, exploring alternative research designs and case
selection strategies in relation to homogeneity. From this, researchers may develop
unique insights that they compare in the final stages of their analysis. We antici-
pate that such comparisons would yield valuable recommendations for qualitative
research design.

Funding Open Access funding enabled and organized by Projekt DEAL.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International License,
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long
as you give appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons licence, and indicate if changes were made. The images or other third party material in this
article are included in the article's Creative Commons licence, unless indicated otherwise in a credit line
to the material. If material is not included in the article's Creative Commons licence and your intended use
is not permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission
directly from the copyright holder. To view a copy of this licence, visit http://creativecommons.org/licen
ses/by/4.0/.

References

Alvesson M, Kirreman D (2007) Constructing mystery: empirical matters in theory development. Acad
Manag Rev 32(4):1265-1281. https://doi.org/10.2307/20159366

Antonio JL, Schmidt AL, Kanbach DK, Meyer N (2024) Enacting disruption: how entrepreneurial ven-
tures Innovate value propositions to increase the attractiveness of their technologies. Int J Entrep
Behav Res 30(4):885-915. https://doi.org/10.1108/IJEBR-07-2023-0688

Artyukhov A, Lapidus A, Yeremenko O, Artyukhova N, Churikanova O (2024) Educational resilience
through the armed conflicts: a bibliometric analysis. Bus Ethics Leadersh 8(2):164—183. https://doi.
org/10.61093/bel.8(2).164-183.2024

Bansal P, Corley K (2011) From the editors: the coming of age for qualitative research: embracing the
diversity of qualitative methods. Acad Manag J 233-237. https://doi.org/10.5465/amj.2011.60262792

Bechky BA, O’Mahony S (2015) Leveraging comparative field data for theory generation. In: Elsbach
KD, Kramer R (eds) Handbook of qualitative organizational research: innovative pathways and
methods: 552. Routledge, New York. https://doi.org/10.4324/9781315849072.

Boddy CR (2016) Sample size for qualitative research. Qual Mark Res Int J 19(4):426—432. https://doi.or
2/10.1108/QMR-06-2016-0053

@ Springer


http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.2307/20159366
https://doi.org/10.1108/IJEBR-07-2023-0688
https://doi.org/10.61093/bel.8(2).164-183.2024
https://doi.org/10.61093/bel.8(2).164-183.2024
https://doi.org/10.5465/amj.2011.60262792
https://doi.org/10.4324/9781315849072
https://doi.org/10.1108/QMR-06-2016-0053
https://doi.org/10.1108/QMR-06-2016-0053

610 R. B. Bouncken et al.

Bonnardel N, Marméche E (2004) Evocation processes by novice and expert designers: towards stimulat-
ing analogical thinking. Creat Innov Manag 13(3):176-186. https://doi.org/10.1111/j.0963-1690.20
04.00307.x

Bootz J-P, Lievre P (2023) From a spontaneous community of practice to a piloted community of practice:
a longitudinal study of resilience construction. Eur Manag J 41(4):550-559. https://doi.org/10.1016
/j.emj.2022.08.004

Bouncken RB, Barwinski R (2021) Shared digital identity and rich knowledge ties in global 3D printing—
a drizzle in the clouds? Glob Strategy J 11(1):81-108. https://doi.org/10.1002/gsj.1370

Bouncken RB, Tiberius V (2023) Legitimacy processes and trajectories of co-prosumption services: insights
from coworking spaces. J Serv Res 26(1):64-82. https://doi.org/10.1177/10946705211050208

Bouncken R, Qiu Y, Sinkovics N, Kiirsten W (2021a) Qualitative research: extending the range with flex-
ible pattern matching. RMS 15(2):251-273. https://doi.org/10.1007/s11846-021-00451-2

Bouncken RB, Qiu Y, Garcia FJS (2021b) Flexible pattern matching approach: suggestions for augment-
ing theory evolvement. Technol Forecast Soc Chang 167:120685. https://doi.org/10.1016/j.techfore
.2021.120685

Bouncken RB, Aslam MM, Gantert TM, Kallmuenzer A (2023) New work design for knowledge creation
and sustainability: an empirical study of coworking-spaces. J Bus Res 154:113337. https://doi.org/1
0.1016/j.jbusres.2022.113337

Bryman A, Bell E (2007) Business research methods. Oxford University Press, Oxford

Buesching FB, Steininger DM, Veit DJ (2023) Governing digital crisis responses: platform standards and
the dilemma of COVID-19 contact tracing. J Bus Econ 93(1):267-323. https://doi.org/10.1007/s11
573-022-01118-4

Campbell C, Sands S, Ferraro C, Tsao H-YJ, Mavrommatis A (2020a) From data to action: how marketers
can leverage Al. Bus Horiz 63(2):227-243. https://doi.org/10.1016/j.bushor.2019.12.002

Campbell S, Greenwood M, Prior S, Shearer T, Walkem K, Young S, Bywaters D, Walker K (2020b) Pur-
posive sampling: complex or simple? Research case examples. J Res Nurs 25(8):652—661. https://do
1.0rg/10.1177/1744987120927206

Cardinali S, Pagano A, Carloni E, Giovannetti M, Governatori L (2023) Digitalization processes in small
professional service firms: drivers, barriers and emerging organisational tensions. J Serv Theory
Pract 33(2):237-256. https://doi.org/10.1108/JSTP-06-2022-0132

Charmaz K (2014) Grounded theory in global perspective: reviews by international researchers. Qual Inq
20(9):1074-1084. https://doi.org/10.1177/1077800414545235

Clark SM, Gioia DA, Ketchen DJ, Thomas JB (2010) Transitional identity as a facilitator of organizational
identity change during a merger. Adm Sci Q 55(3):397-438. https://doi.org/10.2189/asqu.2010.55.
3.397

Cohen SL, Bingham CB, Hallen BL (2019) The role of accelerator designs in mitigating bounded rational-
ity in new ventures. Adm Sci Q 64(4):810-854. https://doi.org/10.1177/0001839218782131

Corbin JM, Strauss A (1990) Grounded theory research: procedures, canons, and evaluative criteria. Qual
Sociol 13(1):3-21

Corbin J, Strauss A (2008) Basics of qualitative research: techniques and procedures for developing
grounded theory, 3rd ed. Thousand Oaks, CA. https://doi.org/10.4135/9781452230153

Corbin J, Strauss A (2014) Basics of qualitative research: techniques and procedures for developing
grounded theory, 4 edn. Sage, London

Corley K, Bansal P, Yu H (2020) An editorial perspective on judging the quality of inductive research when
the methodological straightjacket is loosened. Strateg Organ 19(1):161-175. https://doi.org/10.1177
/1476127020968180

Cousins PD, Lawson B, Squire B (2008) Performance measurement in strategic buyer-supplier relation-
ships: the mediating role of socialization mechanisms. Int J Oper Prod Manag 28(3):238-258. https:
//doi.org/10.1108/01443570810856170

Creswell JW, Clark VLP (2017) Designing and conducting mixed methods research. Sage, Thousand Oaks

Crosina E (2024) Co-Constructing community and entrepreneurial identity: how founders ascribe Self-
Referential meanings to entrepreneurship. Adm Sci Q 69(2):370-416. https://doi.org/10.1177/0001
8392241231587

Czakon W, Czernek-Marszatek K (2020) Competitor perceptions in tourism coopetition. J Travel Res 60.
https://doi.org/10.1177/0047287519896011

Czakon W, Hajdas M, Radomska J (2023) Playing the wild cards: antecedents of family firm resilience. J
Fam Bus Strategy 14(1):100484. https://doi.org/10.1016/.jfbs.2022.100484

@ Springer


https://doi.org/10.1111/j.0963-1690.2004.00307.x
https://doi.org/10.1111/j.0963-1690.2004.00307.x
https://doi.org/10.1016/j.emj.2022.08.004
https://doi.org/10.1016/j.emj.2022.08.004
https://doi.org/10.1002/gsj.1370
https://doi.org/10.1177/10946705211050208
https://doi.org/10.1007/s11846-021-00451-2
https://doi.org/10.1016/j.techfore.2021.120685
https://doi.org/10.1016/j.techfore.2021.120685
https://doi.org/10.1016/j.jbusres.2022.113337
https://doi.org/10.1016/j.jbusres.2022.113337
https://doi.org/10.1007/s11573-022-01118-4
https://doi.org/10.1007/s11573-022-01118-4
https://doi.org/10.1016/j.bushor.2019.12.002
https://doi.org/10.1177/1744987120927206
https://doi.org/10.1177/1744987120927206
https://doi.org/10.1108/JSTP-06-2022-0132
https://doi.org/10.1177/1077800414545235
https://doi.org/10.2189/asqu.2010.55.3.397
https://doi.org/10.2189/asqu.2010.55.3.397
https://doi.org/10.1177/0001839218782131
https://doi.org/10.4135/9781452230153
https://doi.org/10.1177/1476127020968180
https://doi.org/10.1177/1476127020968180
https://doi.org/10.1108/01443570810856170
https://doi.org/10.1108/01443570810856170
https://doi.org/10.1177/00018392241231587
https://doi.org/10.1177/00018392241231587
https://doi.org/10.1177/0047287519896011
https://doi.org/10.1016/j.jfbs.2022.100484

Purposeful sampling and saturation in qualitative research... 611

Dalpiaz E, Rindova V, Ravasi D (2016) Combining logics to transform organizational agency:blending
industry and art at Alessi. Adm Sci Q 61(3):347-392. https://doi.org/10.1177/0001839216636103

Dattée B, Arrégle J-L, Barbieri P, Lawton TC, Angwin DN (2022) The dynamics of organizational auton-
omy: oscillations at automobili Lamborghini. Adm Sci Q 67(3):721-768. https://doi.org/10.1177/0
0018392221091850

Davis JP, Eisenhardt KM (2011) Rotating leadership and collaborative innovation: recombination processes
in symbiotic relationships. Adm Sci Q 56(2):159-201. https://doi.org/10.1177/0001839211428131

Diaz-Moriana V, Clinton E, Kammerlander N (2024) Untangling goal tensions in family firms: a sense-
making approach. J Manag Stud 61(1):69-109. https://doi.org/10.1111/joms.12845

DiBenigno J, Kellogg KC (2014) Beyond occupational differences: the importance of Cross-cutting demo-
graphics and dyadic toolkits for collaboration in a U.S. Hospital. Adm Sci Q 59(3):375—408. https://
doi.org/10.1177/0001839214538262

Dul J, Hauff S, Bouncken RB (2023) Necessary condition analysis (NCA): review of research topics and
guidelines for good practice. RMS 17(2):683—714. https://doi.org/10.1007/s11846-023-00628-x

Eisenhardt KM (1989) Building theories from case study research. Acad Manag Rev 14(4):532-550.
https://doi.org/10.5465/amr.1989.4308385

Eisenhardt KM (2021) What is the Eisenhardt method. really? Strateg Organ 19(1):147—-160. https://doi.o
rg/10.1177/1476127020982866

Eisenhardt KM, Graebner ME (2007) Theory Building from cases: opportunities and challenges. Acad
Manag J 50(1):25-32. https://doi.org/10.5465/am;j.2007.24160888

Eisenhardt KM, Graebner ME, Sonenshein S (2016) Grand challenges and inductive methods: rigor with-
out rigor mortis. Acad Manag J 59(4):1113—1123. https://doi.org/10.5465/amj.2016.4004

Elsbach KD, Kramer RM (2003) Assessing creativity in Hollywood pitch meetings: evidence for a dual-pro-
cess model of creativity judgments. Acad Manag J 46(3):283-301. https://doi.org/10.2307/30040623

Fehrer JA, Kemper JA, Baker JJ (2024) Shaping circular service ecosystems. J Serv Res 27(1):49-68.
https://doi.org/10.1177/10946705231188670

Francis JJ, Johnston M, Robertson C, Glidewell L, Entwistle V, Eccles MP, Grimshaw JM (2010) What is
an adequate sample size? Operationalising data saturation for theory-based interview studies. Psy-
chol Health 25(10):1229-1245. https://doi.org/10.1080/08870440903194015

Fusch PI, Ness LR (2015) Are we there yet? Data saturation in qualitative research. Qual Rep 20(9):1408—
1416. https://doi.org/10.46743/2160-3715/2015.2281

Gartner J, Maresch D, Tierney R (2024) The key to scaling in the digital era: simultaneous automation,
individualization and interdisciplinarity. J Small Bus Manag 62(2):628—655. https://doi.org/10.1080
/00472778.2022.2073361

Gatignon A, Capron L (2023) The firm as an architect of polycentric governance: building open institu-
tional infrastructure in emerging markets. Strateg Manag J 44(1):48-85. https://doi.org/10.1002/sm
j-3124

Gehman J, Glaser VL, Eisenhardt KM, Gioia D, Langley A, Corley KG (2018) Finding theory-method fit:
a comparison of three qualitative approaches to theory building. J Manag Inq 27(3):284-300. https:/
/doi.org/10.1177/1056492617706029

Gernsheimer O, Kanbach DK, Gast J, Le Roy F (2024) Managing Paradoxical tensions to initiate coopeti-
tion between MNEs: the rise of coopetition formation teams. Ind Mark Manag 118:148—174. https://
doi.org/10.1016/j.indmarman.2024.02.006

Gioia D (2021) A systematic methodology for doing qualitative research. J Appl Behav Sci 57(1):20-29.
https://doi.org/10.1177/0021886320982715

Gioia DA, Corley KG, Hamilton AL (2013) Seeking qualitative rigor in inductive research: notes on the
Gioia methodology. Organ Res Methods 16(1):15-31. https://doi.org/10.1177/1094428112452151

Gioia D, Corley K, Eisenhardt K, Feldman M, Langley A, Lé J, Golden-Biddle K, Locke K, Mees-Buss J,
Piekkari R, Ravasi D, Rerup C, Schmid T, Silverman D, Welch C (2022) A curated debate: on using
templates in qualitative research. J Manag Inq 31(3):231-252. https://doi.org/10.1177/1056492622
1098955

Glaser B, Strauss A (1967) The discovery of grounded theory. Strategies for qualitative research. Aldine
Publishing Company, Chicago

Glaser BG, Strauss AL (2009) The discovery of grounded theory: strategies for qualitative research. Aldine
Transaction

Graebner ME, Martin JA, Roundy PT (2012) Qualitative data: cooking without a recipe. Strateg Organ
10(3):276-284. https://doi.org/10.1177/1476127012452821

@ Springer


https://doi.org/10.1177/0001839216636103
https://doi.org/10.1177/00018392221091850
https://doi.org/10.1177/00018392221091850
https://doi.org/10.1177/0001839211428131
https://doi.org/10.1111/joms.12845
https://doi.org/10.1177/0001839214538262
https://doi.org/10.1177/0001839214538262
https://doi.org/10.1007/s11846-023-00628-x
https://doi.org/10.5465/amr.1989.4308385
https://doi.org/10.1177/1476127020982866
https://doi.org/10.1177/1476127020982866
https://doi.org/10.5465/amj.2007.24160888
https://doi.org/10.5465/amj.2016.4004
https://doi.org/10.2307/30040623
https://doi.org/10.1177/10946705231188670
https://doi.org/10.1080/08870440903194015
https://doi.org/10.46743/2160-3715/2015.2281
https://doi.org/10.1080/00472778.2022.2073361
https://doi.org/10.1080/00472778.2022.2073361
https://doi.org/10.1002/smj.3124
https://doi.org/10.1002/smj.3124
https://doi.org/10.1177/1056492617706029
https://doi.org/10.1177/1056492617706029
https://doi.org/10.1016/j.indmarman.2024.02.006
https://doi.org/10.1016/j.indmarman.2024.02.006
https://doi.org/10.1177/0021886320982715
https://doi.org/10.1177/1094428112452151
https://doi.org/10.1177/10564926221098955
https://doi.org/10.1177/10564926221098955
https://doi.org/10.1177/1476127012452821

612 R. B. Bouncken et al.

Guest G, Bunce A, Johnson L (2006) How many interviews are Enough?An experiment with data satura-
tion and variability. Field Methods 18(1):59-82. https://doi.org/10.1177/1525822x05279903

Hannah DP, Eisenhardt KM (2018) How firms navigate cooperation and competition in nascent ecosys-
tems. Strateg Manag J 39(12):3163-3192. https://doi.org/10.1002/smj.2750

Heath H, Cowley S (2004) Developing a grounded theory approach: a comparison of glaser and Strauss.
Int J Nurs Stud 41(2):141-150. https://doi.org/10.1016/S0020-7489(03)00113-5

Hennink M, Kaiser BN (2022) Sample sizes for saturation in qualitative research: a systematic review of
empirical tests. Soc Sci Med 292:114523. https://doi.org/10.1016/j.socscimed.2021.114523

Hennink MM, Kaiser BN, Marconi VC (2017) Code saturation versus meaning saturation: How many
interviews are enough? Qual Health Res 27(4):591-608. https://doi.org/10.1177/1049732316665344

Jia N, Luo X, Fang Z, Liao C (2023) When and how artificial intelligence augments employee creativity.
Acad Manag J 67(1):5-32. https://doi.org/10.5465/amj.2022.0426

Kallmuenzer A, Mikhaylov A, Chelaru M, Czakon W (2024) Adoption and performance outcome of digi-
talization in small and medium-sized enterprises. RMS. https://doi.org/10.1007/s11846-024-00744-2

Kirtley J, O’Mahony S (2023) What is a Pivot? Explaining when and how entrepreneurial firms decide to
make strategic change and Pivot. Strateg Manag J 44(1):197-230. https://doi.org/10.1002/sm;j.3131

Klammer A, Hora W, Kailer N (2023) Opposites attract: how incumbents learn and unlearn in coopetitive
relationships with start-ups. Ind Mark Manag 112:85-97. https://doi.org/10.1016/j.indmarman.2023
.05.002

Kraus S, Bouncken RB, Yela Aranega A (2024) The burgeoning role of literature review articles in man-
agement research: an introduction and outlook. RMS 18:299-314. https://doi.org/10.1007/s11846-0
24-00729-1

Langley A, Abdallah C (2011) Templates and turns in qualitative studies of strategy and management,
Building methodological bridges. Emerald Group Publishing Limited, pp 201-235

Langley A, Smallman C, Tsoukas H, Van de Ven AH (2013) Process studies of change in organization and
management: unveiling temporality, activity, and flow. Acad Manag J 56(1):1-13. https://doi.org/10
.5465/amj.2013.4001

Langley A, Bell E, Bliese P, LeBaron C, Gruber M (2023) Opening up AMJ’s research methods repertoire.
Acad Manag J 66(3):711-719. https://doi.org/10.5465/amj.2023.4003

Leso BH, Cortimiglia MN, Ghezzi A, Minatogawa V (2024) Exploring digital transformation capability
via a blended perspective of dynamic capabilities and digital maturity: a pattern matching approach.
RMS 18(4):1149—1187. https://doi.org/10.1007/s11846-023-00692-3

Li JB, Piezunka H (2020) The uniplex third: enabling single-domain role transitions in multiplex relation-
ships. Adm Sci Q 65(2):314-358. https://doi.org/10.1177/0001839219845875

Ligita T, Harvey N, Wicking K, Nurjannah I, Francis K (2019) A practical example of using theoretical
sampling throughout a grounded theory study: a methodological paper. Qual Res J. https://doi.org/1
0.1108/QRJ-07-2019-0059

Lincoln YS, Guba EG (1985) Effective evaluation. Jassey-Bass, New York

Lindgreen A, Di Benedetto A, Beverland M (2020) How to write up case-study methodology sections. Ind
Mark Manag 96. https://doi.org/10.1016/j.indmarman.2020.04.012

Lingens B, Huber F, Gassmann O (2022) Loner or team player: how firms allocate orchestrator tasks
amongst ecosystem actors. Eur Manag J 40(4):559-571. https://doi.org/10.1016/j.em;j.2021.09.001

Liu H, Amit R, Qiao H, Wang S (2024a) Digital platform compatibility strategies in platform co-opetition.
J Bus Res 174:114489. https://doi.org/10.1016/j.jbusres.2023.114489

Liu Q, Gao J, Li S (2024b) The innovation model and upgrade path of digitalization driven tourism indus-
try: longitudinal case study of OCT. Technol Forecast Soc Chang 200:123127. https://doi.org/10.10
16/j.techfore.2023.123127

Locke K, Feldman M, Golden-Biddle K (2022) Coding practices and iterativity: beyond templates for analyz-
ing qualitative data. Organ Res Methods 25(2):262-284. https://doi.org/10.1177/1094428120948600

Magnani G, Gioia D (2023) Using the Gioia methodology in international business and entrepreneurship
research. Int Bus Rev 32(2):102097. https://doi.org/10.1016/j.ibusrev.2022.102097

Marshall B, Cardon P, Poddar A, Fontenot R (2013) Does sample size matter in qualitative research? A
review of qualitative interviews in is research. J Comput Inform Syst 54(1):11-22. https://doi.org/10
.1080/08874417.2013.11645667

Martin JA, Eisenhardt KM (2010) Rewiring: cross-business-unit collaborations in multibusiness organiza-
tions. Acad Manag J 53(2):265-301. https://doi.org/10.5465/am;j.2010.49388795

Mason J (2002) Linking qualitative and quantitative data analysis, analyzing qualitative data. Routledge,
pp 89-110

@ Springer


https://doi.org/10.1177/1525822x05279903
https://doi.org/10.1002/smj.2750
https://doi.org/10.1016/S0020-7489(03)00113-5
https://doi.org/10.1016/j.socscimed.2021.114523
https://doi.org/10.1177/1049732316665344
https://doi.org/10.5465/amj.2022.0426
https://doi.org/10.1007/s11846-024-00744-2
https://doi.org/10.1002/smj.3131
https://doi.org/10.1016/j.indmarman.2023.05.002
https://doi.org/10.1016/j.indmarman.2023.05.002
https://doi.org/10.1007/s11846-024-00729-1
https://doi.org/10.1007/s11846-024-00729-1
https://doi.org/10.5465/amj.2013.4001
https://doi.org/10.5465/amj.2013.4001
https://doi.org/10.5465/amj.2023.4003
https://doi.org/10.1007/s11846-023-00692-3
https://doi.org/10.1177/0001839219845875
https://doi.org/10.1108/QRJ-07-2019-0059
https://doi.org/10.1108/QRJ-07-2019-0059
https://doi.org/10.1016/j.indmarman.2020.04.012
https://doi.org/10.1016/j.emj.2021.09.001
https://doi.org/10.1016/j.jbusres.2023.114489
https://doi.org/10.1016/j.techfore.2023.123127
https://doi.org/10.1016/j.techfore.2023.123127
https://doi.org/10.1177/1094428120948600
https://doi.org/10.1016/j.ibusrev.2022.102097
https://doi.org/10.1080/08874417.2013.11645667
https://doi.org/10.1080/08874417.2013.11645667
https://doi.org/10.5465/amj.2010.49388795

Purposeful sampling and saturation in qualitative research... 613

McDonald RM, Eisenhardt KM (2020) Parallel play: startups, nascent markets, and effective business-
model design. Adm Sci Q 65(2):483-523. https://doi.org/10.1177/0001839219852349

McDonald R, Gao C (2019) Pivoting isn’t enough?? Managing strategic reorientation in new ventures.
Organ Sci 30(6):1289-1318. https://doi.org/10.1287/0rsc.2019.1287

Miles MB, Huberman AM (1994a) Qualitative data analysis, 2 edn. Sage, London

Miles MB, Huberman AM (1994b) Qualitative data analysis: an expanded sourcebook. Sage, London

Miles MB, Huberman AM, Saldana J (2014) Qualitative data analysis. Sage, London

Morgeson FP, Hofmann DA (1999) The structure and function of collective constructs: implications for
multilevel research an theory development. Acad Manag Rev 24(2):249-265

Murray A, Kotha S, Fisher G (2020a) Community-Based resource mobilization: how entrepreneurs
acquire resources from distributed non-professionals via crowdfunding. Organ Sci 31(4):797-1051.
https://doi.org/10.1287/orsc.2019.1339

Murray A, Rhymer J, Sirmon DG (2020b) Humans and technology: forms of conjoined agency in organi-
zations. Acad Manag Rev 46(3):52-571. https://doi.org/10.5465/amr.2019.0186

Nag R, Gioia DA (2012) From common to uncommon knowledge: foundations of firm-specific use of
knowledge as a resource. Acad Manag J 55(2):421-457. https://doi.org/10.5465/amj.2008.0352

Navis C, Glynn MA (2010) How new market categories emerge: temporal dynamics of legitimacy, iden-
tity, and entrepreneurship in satellite radio, 1990-2005. Adm Sci Q 55(3):439-471

Nelson J (2017) Using conceptual depth criteria: addressing the challenge of reaching saturation in qualita-
tive research. Qual Res 17(5):554-570. https://doi.org/10.1177/1468794116679873

O’Connor C, Joffe H (2020) Intercoder reliability in qualitative research: debates and practical guidelines.
Int J Qual Methods 19:1609406919899220. https://doi.org/10.1177/1609406919899220

Onwuegbuzie AJ, Leech NL (2007) Sampling designs in qualitative research: making the sampling pro-
cess more public. Qual Rep 12(2):238-254. https://doi.org/10.46743/2160-3715/2007.1636

Ozcan P, Hannah D (2020a) Forced ecosystems and digital stepchildren: reconfiguring advertising sup-
pliers to realize disruptive social media technology. Strategy Sci 5(3):193-217. https://doi.org/10.1
287/stsc.2020.1366

Ozcan P, Hannah D (2020b) Forced ecosystems and digital stepchildren: reconfiguring advertising suppli-
ers to realize disruptive social media technology

Ozcan P, Han S, Graebner ME (2017) Single cases: the what, why, and how. Routledge Companion Qual
Res Organ Stud 92:112

Palinkas LA, Horwitz SM, Green CA, Wisdom JP, Duan N, Hoagwood K (2015) Purposeful sampling for
qualitative data collection and analysis in mixed method implementation research. Adm Policy Ment
Health Ment Health Serv Res 42(5):533—-544. https://doi.org/10.1007/s10488-013-0528-y

Patton MQ (2002) Two decades of developments in qualitative inquiry: a personal, experiential perspec-
tive. Qual Soc Work 1(3):261-283. https://doi.org/10.1177/1473325002001003636

Patton MQ (2015) Sampling, qualitative (purposeful). The Blackwell Encyclopedia of Sociology. https://
doi.org/10.1002/9781405165518.wbeoss012.pub2

Pettigrew AM (1990) Longitudinal field research on change: theory and practice. Organ Sci 1(3):267-292

Piepponen A, Ritala P, Kerdnen J, Maijanen P (2022) Digital transformation of the value proposition: a
single case study in the media industry. J Bus Res 150:311-325. https://doi.org/10.1016/j.jbusres.2
022.05.017

Principato L, Trevisan C, Formentini M, Secondi L, Comis C, Pratesi CA (2023) The influence of sustain-
ability and digitalisation on business model innovation: the case of a multi-sided platform for food
surplus redistribution. Ind Mark Manag 115:156—-171. https://doi.org/10.1016/j.indmarman.2023.09
.001

Robinson S (2014) Simulation: the practice of model development and use. Bloomsbury Publishing

Ross J, Staw BM (1993) Organizational escalation and exit: lessons from the Shoreham nuclear power
plant. Acad Manag J 36(4):701-732. https://doi.org/10.5465/256756

Santos FM, Eisenhardt KM (2009) Constructing markets and shaping boundaries: entrepreneurial power
in nascent fields. Acad Manag J 52(4):643—671. https://doi.org/10.5465/amj.2009.43669892

Saunders B, Sim J, Kingstone T, Baker S, Waterfield J, Bartlam B, Burroughs H, Jinks C (2018a) Satu-
ration in qualitative research: exploring its conceptualization and operationalization. Qual Quant
52(4):1893—-1907. https://doi.org/10.1007/s11135-017-0574-8

Saunders B, Sim J, Kingstone T, Baker S, Waterfield J, Bartlam B, Burroughs H, Jinks C (2018b) Satu-
ration in qualitative research: exploring its conceptualization and operationalization. Qual Quant
52(4):1893-1907. https://doi.org/10.1007/s11135-017-0574-8

@ Springer


https://doi.org/10.1177/0001839219852349
https://doi.org/10.1287/orsc.2019.1287
https://doi.org/10.1287/orsc.2019.1339
https://doi.org/10.5465/amr.2019.0186
https://doi.org/10.5465/amj.2008.0352
https://doi.org/10.1177/1468794116679873
https://doi.org/10.1177/1609406919899220
https://doi.org/10.46743/2160-3715/2007.1636
https://doi.org/10.1287/stsc.2020.1366
https://doi.org/10.1287/stsc.2020.1366
https://doi.org/10.1007/s10488-013-0528-y
https://doi.org/10.1177/1473325002001003636
https://doi.org/10.1002/9781405165518.wbeoss012.pub2
https://doi.org/10.1002/9781405165518.wbeoss012.pub2
https://doi.org/10.1016/j.jbusres.2022.05.017
https://doi.org/10.1016/j.jbusres.2022.05.017
https://doi.org/10.1016/j.indmarman.2023.09.001
https://doi.org/10.1016/j.indmarman.2023.09.001
https://doi.org/10.5465/256756
https://doi.org/10.5465/amj.2009.43669892
https://doi.org/10.1007/s11135-017-0574-8
https://doi.org/10.1007/s11135-017-0574-8

614 R. B. Bouncken et al.

Schell S, de Groote JK, Richard S, Hack A, Kellermanns FW (2023) The role of affect in the selection of
nonfamily top management team members in family businesses. Long Range Plann 56(5):102288.
https://doi.org/10.1016/1.1rp.2022.102288

Schonherr S, Bichler BF, Pikkemaat B (2023) Attitudes not set in stone: existential crises changing resi-
dents’ irritation. Tour Manag 96:104708. https://doi.org/10.1016/j.tourman.2022.104708

Seawright J, Gerring J (2008) Case selection techniques in case study research: a menu of qualitative and
quantitative options. Polit Res Q 61(2):294-308. https://doi.org/10.1177/1065912907313077

Séran T, Fernandez A-S, Chappert H (2024) Managing coopetition in multi-unit organizations: a man-
agement-control perspective. RMS 18(10):2889-2924. https://doi.org/10.1007/s11846-023-00697-y

Sinkovics N (2018) Pattern matching in qualitative analysis. In: Cassel C, Cunliffe A, Grandy G (eds) The
Sage handbook of qualitative business and management research methods. Sage, Thousand Oaks,
pp 468485

Sinkovics N, Sinkovics RR, Yamin M (2014) The role of social value creation in business model formula-
tion at the bottom of the pyramid—implications for MNEs? Int Bus Rev 23(4):692-707. https://doi.o
rg/10.1016/j.ibusrev.2013.12.004

Smiljic S, Aas TH, Mention A-L (2022) Coopetitive tensions across project phases: a paradox perspective.
Ind Mark Manage 105:388—403. https://doi.org/10.1016/j.indmarman.2022.06.017

Soluk J, Kammerlander N (2021) Digital transformation in family-owned Mittelstand firms: a dynamic
capabilities perspective. Eur J Inform Syst 30(6):676—711. https://doi.org/10.1080/0960085X.2020
1857666

Soto-Simeone A, Kautonen T (2021) Senior entrepreneurship following unemployment: a social identity
theory perspective. RMS. https://doi.org/10.1007/s11846-020-00395-z

Strauss A, Corbin J (1998a) Basics of qualitative research: techniques and procedures for developing
grounded theory, 2 edn. Sage, Thousand Oaks

Strauss A, Corbin J (1998b) Basics of qualitative research: techniques and procedures for developing
grounded theory, 2nd edn. Sage Publications, Inc, Thousand Oaks

Su J, Gao X, Tan J (2023) Positioning for optimal distinctiveness: how firms manage competitive and
institutional pressures under dynamic and complex environment. Strateg Manag J. https://doi.org/1
0.1002/sm;j.3549

Su J, Gao X, Tan J (2024) Positioning for optimal distinctiveness: how firms manage competitive and
institutional pressures under dynamic and complex environment. Strateg Manag J 45(2):333-361.
https://doi.org/10.1002/smj.3549

Suri H (2011) Purposeful sampling in qualitative research synthesis. Qual Res J 11:63—75. https://doi.org
/10.3316/QRJ1102063

Suseno Y, Abbott L (2021) Women entrepreneurs’ digital social innovation: linking gender, entrepreneur-
ship, social innovation and information systems. Inform Syst J 31(5):717-744. https://doi.org/10.1
111/isj.12327

Taylor G, Blake BJ (2015) Key informant interviews and focus groups. In: Chesnay M (ed) Nursing
research using data analysis: qualitative designs and methods in nursing. Springer Publishing Com-
pany, New York, pp 153-165

Thorne S (2020) The great saturation debate: what the S word means and doesn’t mean in qualitative
research reporting. Can J Nurs Res 52(1):3-5. https://doi.org/10.1177/0844562119898554

Tiberius V, Stiller L, Dabi¢ M (2021) Sustainability beyond economic prosperity: social microfoundations
of dynamic capabilities in family businesses. Technol Forecast Soc Chang 173:121093. https://doi.o
rg/10.1016/j.techfore.2021.121093

Tidhar R, Eisenhardt K (2021) Measure twice, cut once: scaling novel business models in the nascent
online fashion industry. Acad Manag Proc 20211:12264. https://doi.org/10.5465/AMBPP.2021.122
64abstract

Tight M (2024) Saturation: an overworked and misunderstood concept? Qual Inq 30(7):577-583. https://
doi.org/10.1177/10778004231183948

Urquhart C, Lehmann H, Myers MD (2010) Putting the ‘theory’ back into grounded theory: guidelines for
grounded theory studies in information systems. Inform Syst J 20(4):357-381. https://doi.org/10.11
11/§.1365-2575.2009.00328.x

van Burg E, Berends H, van Raaij EM (2014) Framing and interorganizational knowledge transfer: a
process study of collaborative innovation in the aircraft industry. J Manage Stud 51(3):349-378. htt
ps://doi.org/10.1111/joms.12055

@ Springer


https://doi.org/10.1016/j.lrp.2022.102288
https://doi.org/10.1016/j.tourman.2022.104708
https://doi.org/10.1177/1065912907313077
https://doi.org/10.1007/s11846-023-00697-y
https://doi.org/10.1016/j.ibusrev.2013.12.004
https://doi.org/10.1016/j.ibusrev.2013.12.004
https://doi.org/10.1016/j.indmarman.2022.06.017
https://doi.org/10.1080/0960085X.2020.1857666
https://doi.org/10.1080/0960085X.2020.1857666
https://doi.org/10.1007/s11846-020-00395-z
https://doi.org/10.1002/smj.3549
https://doi.org/10.1002/smj.3549
https://doi.org/10.1002/smj.3549
https://doi.org/10.3316/QRJ1102063
https://doi.org/10.3316/QRJ1102063
https://doi.org/10.1111/isj.12327
https://doi.org/10.1111/isj.12327
https://doi.org/10.1177/0844562119898554
https://doi.org/10.1016/j.techfore.2021.121093
https://doi.org/10.1016/j.techfore.2021.121093
https://doi.org/10.5465/AMBPP.2021.12264abstract
https://doi.org/10.5465/AMBPP.2021.12264abstract
https://doi.org/10.1177/10778004231183948
https://doi.org/10.1177/10778004231183948
https://doi.org/10.1111/j.1365-2575.2009.00328.x
https://doi.org/10.1111/j.1365-2575.2009.00328.x
https://doi.org/10.1111/joms.12055
https://doi.org/10.1111/joms.12055

Purposeful sampling and saturation in qualitative research... 615

van Eechoud T, Ganzaroli A (2023) Exploring the role of dynamic capabilities in digital circular business
model innovation: results from a grounded systematic inductive analysis of 7 case studies. J Clean
Prod 401:136665. https://doi.org/10.1016/j.jclepro.2023.136665

van Offenbeek MAG, Vos JEJ, Boonstra A (2024) Understanding variation in subunit adoption of elec-
tronic health records: facilitating and constraining configurations of critical dependencies. Eur J
Inform Syst 33(2):221-243. https://doi.org/10.1080/0960085X.2023.2225786

Weniger S, Jarchow S (2024) Corporate venturing in times of crisis: securing resources through legiti-
macy. RMS 18(12):3639-3693. https://doi.org/10.1007/s11846-024-00728-2

Yigit A, Kanbach DK (2023) The significance of technology-driven entrepreneurship activities: lessons
from SMEs operating in the manufacturing industry. Cogent Bus Manag 10(1):2185069. https://doi.
org/10.1080/23311975.2023.2185069

Yin RK (1981) The case study crisis: some answers. Adm Sci Q 26(1):58-65. https://doi.org/10.2307/23
92599

Yin RK (1994) Case study research and applications: design and methods. SAGE. https://doi.org/10.120
1/b16851-12

Yin RK (2013) Validity and generalization in future case study evaluations. Evaluation 19(3):321-332.
https://doi.org/10.1177/135638901349708 1

Zeng J, Yang Y, Lee SH (2023) Resource orchestration and scaling-up of platform-based entrepreneurial
firms: the logic of dialectic tuning. ] Manag Stud 60(3):605-638. https://doi.org/10.1111/joms.12854

Zeng F, Guo Y, Fan Q, Wang CL (2024) Al-orientation and company climate action: the moderating role
of dependency structure and innovation capability. Ind Mark Manage 117:148—160. https://doi.org/1
0.1016/j.indmarman.2023.12.018

Zuzul T, Tripsas M (2020) Start-up inertia versus flexibility: the role of founder identity in a nascent indus-
try. Adm Sci Q 65(2):395-433. https://doi.org/10.1177/00018392198434

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps
and institutional affiliations.

@ Springer


https://doi.org/10.1016/j.jclepro.2023.136665
https://doi.org/10.1080/0960085X.2023.2225786
https://doi.org/10.1007/s11846-024-00728-2
https://doi.org/10.1080/23311975.2023.2185069
https://doi.org/10.1080/23311975.2023.2185069
https://doi.org/10.2307/2392599
https://doi.org/10.2307/2392599
https://doi.org/10.1201/b16851-12
https://doi.org/10.1201/b16851-12
https://doi.org/10.1177/1356389013497081
https://doi.org/10.1111/joms.12854
https://doi.org/10.1016/j.indmarman.2023.12.018
https://doi.org/10.1016/j.indmarman.2023.12.018
https://doi.org/10.1177/00018392198434

	﻿Purposeful sampling and saturation in qualitative research methodologies: recommendations and review
	﻿Abstract
	﻿1﻿ ﻿Introduction
	﻿2﻿ ﻿Theoretical concepts
	﻿2.1﻿ ﻿Purposeful sampling for case studies

	﻿3﻿ ﻿Saturation and case numbers
	﻿3.1﻿ ﻿Saturation concept in qualitative research
	﻿3.2﻿ ﻿Saturation forms and criteria

	﻿4﻿ ﻿Turning in on management research
	﻿5﻿ ﻿Zooming in on the Gioia approach
	﻿5.1﻿ ﻿Explanation of the Gioia approach
	﻿5.2﻿ ﻿Case selection and saturation of the Gioia approach

	﻿6﻿ ﻿Eisenhardt and case comparisons
	﻿6.1﻿ ﻿Explanation of the Eisenhardt approach
	﻿6.2﻿ ﻿Case selection and saturation in the Eisenhardt approach

	﻿7﻿ ﻿The Bouncken approach - Flexible pattern matching
	﻿7.1﻿ ﻿Case selection and saturation in the Bouncken approach

	﻿8﻿ ﻿Concluding Discussion– and the matter of harmony and discord
	﻿9﻿ ﻿Limitations and future research
	﻿References


